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Abstract

This paper provides new evidence on workers’ perceptions of the returns to job
search effort using hypothetical vignettes. This allows us to overcome limitations
with survey data on realized behavior in which search effort and reservation wages
may be endogenous to perceived job finding rates. The perceived job finding prob-
ability is nearly linear in hours searched and only slightly concave for most re-
spondents. While workers are over-optimistic about the probability of receiving a
job offer conditional on any search, they perceive the marginal return to additional
search hours as positive but comparably low. Job seekers receiving an offer, update
their perceived returns upwards, while the beliefs of unsuccessful searchers regress
towards the direction of the mean. We find little evidence that novel aspects of
the pandemic recession have fundamentally changed workers’ motivations for job
search: that an existing job is expected to end or has unsatisfactory pay are the
primary motives for on-the-job search. On the contrary, workers’ ability to do their
tasks from home is not a strong predictor of job search nor a significant motive for
switching occupations.
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1 Introduction

In order to find a new job, one typically has to search for a job. This takes time and
effort. In most search-and-matching models, job seekers determine their search inten-
sity to balance the expected benefits and costs of search (Mortensen 1986; Nekoei and
Weber 2017; Marinescu and Skandalis 2021). There are many dimensions to job search
beyond simply the number of job applications sent. Which occupations to target, at
which wage rate, and whether to invest effort now or later, are all relevant dimensions
to determine the speed of labor reallocation and new patterns of labor market sorting.
Understanding workers’ perceived returns to job search is thus crucial in general, but
also specifically relevant for understanding the labor supply response to sectoral reallo-
cation and economic recovery in the post-Covid economy (Carrillo-Tudela et al. 2021;
Hensvik, Le Barbanchon and Rathelot 2021).

In this paper, we document workers’ search behavior and their perceptions of the
returns to search. To do so, we collect a two-wave panel dataset of real-time survey
evidence on search behavior for workers searching on the job and for unemployed workers
in the UK. At the time of data collection, the UK had emerged from formal stay-at-
home orders and non-essential retail, restaurants and pubs had reopened. At the time
of our first survey, 12% of employees were on furlough compared to a high of 32% in
June 2020. The Government was running active advertising campaigns encouraging
workers to switch into expanding areas of the economy.1

The Covid-19 pandemic has caused a significant change to the level and pattern of
labor demand (Costa Dias et al. 2020). Many advanced economies have simultaneously
experienced a rise in unemployment alongside labor shortages in key sectors of the
economy. As public health experts increasingly predict that the virus will become
endemic (Murray 2022), labor market policy has shifted from preserving pre-pandemic
employer-employee matches to encouraging displaced workers, and workers whose jobs
have become durably unproductive, to find new jobs in resilient sectors of the economy.

The pandemic has also significantly affected labor supply. Social distancing restric-
tions have seen more workers work more from home. Early polling suggests that many
want to continue working from home, at least part time (Barrero, Bloom and Davis
2021a,b). Covid has also made new dimensions of health inequality salient, potentially

1See, for example, the measures on encouraging switching to become a heavy goods vehicle driver
at https://www.gov.uk/government/publications/hgv-driver-shortage-letter-to-industry
(Accessed 15 February 2021).

2

https://www.gov.uk/government/publications/hgv-driver-shortage-letter-to-industry


with consequences for the preferences of workers over the characteristics of jobs they
value (Adams-Prassl et al. 2021). Frictions in adjusting working patterns within a job
may thus have created new incentives for workers to switch into new jobs that better
align with their preferences.

Our goals are twofold. First, we provide evidence on workers’ perceptions of the
returns to search. To elicit perceived returns to job search, we use hypothetical scenar-
ios that allow us to estimate individual perceived job-search functions, i.e. how likely
individuals are to receive a job offer depending on the time searched and reservation
wage. This allows us to overcome limitations with survey data on realised behaviour in
which search effort and reservation wages may be endogenous to perceived job finding
rates (Mueller and Spinnewijn 2022). More specifically, we can approximate (i) the
perceived level by asking how likely they will receive a job offer depending on a given
number of hours searched, (ii) the shape of the function by varying the number of hypo-
thetical hours searched within respondents, (iii) how the level and shape depend on the
wage by varying target wages in the scenarios, and (iv) the interaction with the state
of the economy by asking about search now versus later and the expected state of the
economy in the future. As our survey design includes a longitudinal dimension, we can
assess whether a worker’s search was successful and the degree to which this correlates
with prior perceptions. Second, we analyze the degree to which the novel aspects of the
pandemic recession and health shock have altered workers’ search behavior and their
preferences over jobs.

Concerning individual perceived returns to search, we find that respondents believe
they have a 32% chance of finding a job in one month if they search for 5 hours per
week. The perceived job finding probability is nearly linear in hours searched and
only slightly concave for most respondents. However, the marginal return to additional
hours searched is comparably low: on average, there is only a 14 percentage points
(p.p.) increase in job finding probabilities for increasing search effort from 5 to 15
hours per week, i.e. for each of the additional 10 hours spent searching, the perceived
probability of finding a job only increases by 1.4 p.p. This is consistent with Mueller
and Spinnewijn (2022) who document that only 13% of job seekers perceive a positive
marginal return to search. The fact that the perceived returns to the extensive margin
of searching are high but the marginal return to additional hours is comparably low
might explain why time-use surveys tend to reveal low search intensities amongst job
seekers. On the one hand, our findings show that, absent more detailed information,
it is defensible to engage in the common practice in structural search-and-matching
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models of using information of job seekers’ perceived probability of receiving an offer
without conditioning on search effort (Krueger and Mueller 2016; Mueller, Spinnewijn
and Topa 2021), which is also used to motivate the functional form in theoretical
search-and-matching models (Marinescu and Skandalis 2021). On the other hand, the
rich heterogeneities and systematic patterns uncovered in our data suggest that more
attention to behavioral responses amongst job seekers is warranted if these are key to
any model’s mechanism.

While respondents are over-optimistic about their job finding rate on average, we
find that perceived returns to search satisfy several attractive properties. These beliefs
correlate well with whether a worker received a job offer in the months following the
first-wave survey: a 1 p.p. higher perceived job finding probability translates into a 0.2
p.p. higher probability of actually receiving an offer (R2 = 0.093). Higher target wages
are associated with lower perceived job finding rates and receiving a job offer boosts the
average expectation by around 8 p.p. in the second survey wave. Furthermore, we find
that job finding probabilities are stationary despite the turbulences of the pandemic:
workers perceive similar job finding rates when searching now compared to if they were
instead searching in 6 months.

We also document systematic heterogeneities in perceived job finding probabilities
and marginal returns to search. Respondents who are optimistic about the future state
of the economy perceive the probability of being offered a job as significantly higher
than those who think the economy will not be doing better going forward. However,
optimistic respondents do not perceive the returns to delayed job search as significantly
higher than returns to searching immediately. This suggests that the expectations
about the state of the economy that we measure are capturing a broader optimism
that influences workers’ beliefs about their job finding rate. Moreover, women report
higher returns to job search on average, and also perceive the marginal return to each
extra hour spent searching for a job as higher. Lastly, we find evidence of significant
associations between several personality traits and perceived job finding probabilities:
individuals who are more willing to take risks, have higher confidence in their ability
and feel that they are in control of their own life report significantly higher returns to
search.

We find that the novel aspects introduced by the pandemic have had a relatively
limited impact on workers’ motives for search. The vast majority of on-the-job search
is motivated by a desire to move into a more stable position or to increase wages, with
77% and 48% of workers, respectively, citing these two reasons as main determinants
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of their job search. A desire to work more from home was cited as a primary reason
for searching by 14% of workers and only 5% cited that risk of Covid infection was a
key motivation. Moreover, search behavior amongst employed and furloughed workers
is uncorrelated with their ability to work from home. Thus, we find little evidence that
pandemic-specific motivations are particularly salient in driving job search decisions.

This paper contributes to three main strands of the literature. First, we provide
new evidence on job search behavior during the pandemic (Hensvik, Le Barbanchon
and Rathelot 2020; Marinescu, Skandalis and Zhao 2020; Pan 2020; Carrillo-Tudela
et al. 2021). This literature has shown that job search has responded to changes in the
sectoral and occupation prevalence of job vacancies that has occurred since the start of
the pandemic. Our results suggest that job search has not, however, been significantly
altered by the new salience of working from home nor Covid-19 infection risk. More
broadly, we contribute to the literature that has examined differences in job search
strategies and behavior across demographic groups and personality traits.2

Second, we provide new evidence on beliefs about the returns to search and the
shape of the job-finding function using hypothetical vignettes. The use of hypotheti-
cal vignettes allows us to address the challenges that arise when using realized search
behaviour and perceived returns given the endogeneity of behaviour and reservation
wages to beliefs (Mueller and Spinnewijn 2022; Spinnewijn 2015). Closest to our paper
is Mueller and Spinnewijn (2022) who analyze data from the Krueger-Mueller survey
(Krueger and Mueller 2016) to infer the perceived return to searching an additional hour
beyond a job-seeker’s chosen search intensity. While asking for the perceived return to
an additional hour of search allows to study marginal returns to search, cross-subject
comparisons need to consider that most respondents will be operating at different mar-
gins. We complement this work by eliciting job-finding probabilities at a set of multiple
search hours, and analyzing whether perceptions between current and future returns
differ and how perceived returns vary with target wages. Moreover, our survey allows us
to study richer dimensions of heterogeneity in perceived returns including personality
traits, which have been documented as important factors in relation to job search.

We elicit the elasticity of job finding rates with respect to effort, and find that
workers perceive a comparably low return to additional hours searched. This finding
lends support to the common practice of assuming constant job finding rates. Further-

2See Blau and Robins (1990); DellaVigna and Paserman (2005); Bachmann and Baumgarten (2013);
Eugster et al. (2017); Belot, Kircher and Muller (2019); DellaVigna et al. (2020); Cortés et al. (2021);
Marinescu and Skandalis (2021); Faberman et al. (2022); Belot, Kircher and Muller (2022b,a).
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more, in most cases, it has been found that job seekers are overoptimistic about their
job finding rates, especially the long-term unemployed (Mueller, Spinnewijn and Topa
2021; Spinnewijn 2015; Arni 2015; Potter 2021). Our detailed and interpersonally com-
parable measures of perceived job finding rates also confirm that individuals tend to
perceive the average probability of being offered a new job as excessively high, and that
out-of-work respondents are significantly more optimistic than those who are in paid
work. These beliefs contrast with the “negative duration dependence”, i.e. the adverse
effect of increasing unemployment spells documented by Kroft, Lange and Notowidigdo
(2013) using fake CV’s in a field experiment, which is also a typical feature of search
models (e.g. Jung and Kuhn 2019).

Finally, our work contributes to the literature that directly measures beliefs and ex-
amines their role in explaining actual behaviors. Existing work has, for example, made
use of hypothetical scenarios to measure beliefs about the returns to different types of
parental or educational investments (Attanasio and Kaufmann 2017; Boneva and Rauh
2018; Adams and Andrew 2019) and maternal labor supply intentions (Boneva et al.
2022). To the best of our knowledge, ours is the first paper to collect interpersonally
comparable measures of the perceived job finding function.3 Our findings are consis-
tent with previous work showing that subjective probabilities vary meaningfully with
observable characteristics and that individuals are typically aware of differential risks,
even if the level of the probabilities they state is biased (Delavande and Kohler 2009).

The rest of this paper is organized as follows. Section 2 describes our data collection,
analysis sample, and survey modules in detail. Section 3 characterizes search behavior,
search effort, and the motivations for job search. Section 4 provides a detailed explo-
ration of individual perceived returns to search effort including the extent to which
these correlate with realized search behavior and job offers. Section 5 concludes with a
discussion of the wider significance of our results.

2 Data

To study job search behavior and the role of perceived returns to search, we collect
novel survey data from a large representative sample of adults in the UK. The data
collection was carried out in two waves.4 The first wave of data was collected in April

3Related work by Jäger et al. (2022) analyzes biases in workers’ beliefs about their outside options.
4Both surveys were conducted online by professional survey companies and designed to be accessible

from all mobile devices and computers. We used the survey software Qualtrics to script the surveys.
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2021, and the follow-up wave was carried out over July and early August 2021. To
participate in the first wave of our study, respondents had to be residents in the UK,
aged between 18 and 60 and have been in paid work for at least one month since January
2020. We collect 4,173 responses from the first wave, of which 3, 000 from respondents
who are currently in paid work and 1,173 from respondents who are out-of-work. We
use quota-based sampling separately for in-work and out-of-work respondents to reach
representativeness across age groups, educational attainment and broad regions in the
UK conditional on employment status.5 In the second wave, we have information on
2,556 respondents, which corresponds to a 61% re-contact rate.6

Table A.1 compares the characteristics of respondents to our first and second sur-
vey wave, separately by employment status, to the distribution in the population of
in-work and out-of-work adults in England. The distribution of in-work respondents to
our first survey wave across educational attainment and regions matches the population
distribution. Moreover, with our quota-based sampling we were able to closely match
the share of respondents in the lowest age bracket (18-30 years old). For out-of-work
respondents, we could not reach our intended sample size in the first wave and ended up
oversampling young adults and individuals with a university degree. As a robustness
check, we construct survey weights to match the joint distribution of our target vari-
ables in our sample to the distribution in the population and show in Appendix B that
all results remain very similar.7 Despite not reaching the target sample size, the distri-
bution of out-of-work respondents across regions in England closely matches population
figures. In our follow-up survey, we managed to re-contact relatively older individu-
als and relatively more respondents with a university degree, while the distribution of
wave-2 participants across regions in England is very close to the LFS figures. In terms
of characteristics that we did not target with our sampling strategy, we note that our

The median time to complete the survey was about 13 minutes for the first and 5 minutes for the
second wave. Participants were paid modest incentives to take part in each of our survey wave, so
payment for participation in the first survey was independent of whether they participated in the
follow-up survey or not. We screen out participants to the first survey wave who fail an attention
check and / or whose response time was too low.

5Specifically, we match the joint distribution of the following characteristics, separately for in-work
and out-of-work respondents: age above or below 30, having a university degree or not, and being
resident in London and the South East, the rest of South of England and Midlands, or the North of
England. Population-level estimates of the joint distribution of these characteristics in the population
come from the third quarter of the 2020 Labour Force Survey (LFS).

6In the second wave, we managed to re-contact 1, 961 and 595 respondents who were in work and
out of paid work, respectively, at the time of our first survey wave.

7Specifically, we construct different sets of weights for in-work and out-of-work respondents, sepa-
rately by survey wave.
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respondents are more likely to be female and married, compared to LFS participants.
In the following, we restrict our analysis sample to respondents who reported reser-

vation wages below £10,000 per month in the first survey wave.8 Our final analysis
sample thus includes 3, 955 respondents for the first survey wave, and 2, 437 for the
second survey wave. Table A.2 presents summary statistics for our analysis sample,
as reported at the time of the April data collection, separately by survey wave. Re-
spondents to our April survey are on average 39 years old, 64% of our participants are
women and 36% have at least one child. The average individual income from 2020 is
around £24, 000. Around half of our respondents were employed in April 2021, and 10%
were either on partial or full furlough. Around 28% of our sample was out of paid work
in April 2021. Looking at the summary statistics for respondents to our second survey
wave, we can see that, on average, older and male respondents were more likely to par-
ticipate in our second wave. On the contrary, we do not observe systematic differences
in attrition based on employment status in April, income or presence of children.

2.1 Survey design

We here briefly describe the modules included in our surveys and how we elicit respon-
dents’ perceived returns to job search strategies. The full questionnaire can be found
in Appendix C.

Employment status and job characteristics In our surveys, we ask respondents
whether they were employed, self-employed, on partial or full furlough, or not in work
in the week before the data collection. In-work and furloughed respondents are then
asked detailed questions about their main job. Respondents who are out of work at the
time of the data collection are asked similar questions about their last main job.

Expectations In the first survey wave, we elicit respondents’ expectations about
various aspects related to the evolution of the Covid-19 pandemic. In particular, we
ask respondents whether they expect the economy to do better, the same, or worse
in September 2021 than at the time of the data collection in April 2021. We use this
question to construct a binary indicator for optimism, which takes the value one if the
respondent thinks the economy will be doing better in September, and zero otherwise.

8This corresponds roughly to the 95th percentile of the distribution of reservation wages.
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Job search behavior We obtain comprehensive information on respondents’ in-
tended and actual job search behavior and their job search effort. In the first survey
wave, we ask respondents whether they are currently looking for a job, not currently
looking for a job but planning to start within the next 12 months, or not planning to
start looking for a job within the next year. Respondents who state they are currently
looking for a job are asked when they started searching, how many hours per week
they spend on job search on average, and the type of job they are looking for (which
occupation, whether full-time or part-time jobs). Respondents who report planning to
start searching for a new job within the next year are asked similar questions about
their intended job search strategy. Respondents who report not planning to look for a
job are asked to state the main reason for their choice. In the second survey wave, we
ask respondents whether they had been looking for a job since April 2021 and, if so,
how many hours they on average spent per week searching for a new job.

Perceived returns to job search To motivate the design of our survey instrument
on perceived returns to search, we outline a simple directed model of job search following
Marinescu and Skandalis (2021).9 In each time period t, workers choose their search
effort, st, and reservation wage, wt, to maximize their discounted expected utility.
Search costs, c(s), are increasing and convex and flow utility from consumption is given
by the increasing, concave function u(·). The reservation wage is the area of the wage
distribution where workers target their search and can be thought of as akin to the
desired wage level entered onto an online job finding platform.

At each period, the value functions of an unemployed worker, Vu(t), and employed
workers, Ve(wt), can be represented as:

Vu(t) = u(b) + max
st,wt

{−c(st) + β [λu(st, wt)Ve(wt) + (1− λu(st, wt))Vu(t+ 1)]} (1)

Ve(wt) = u(wt) + max
st,wt

{−c(st) + β [λe(st, wt)Ve(wt) + (1− λe(st, wt)) (δVu(t+ 1) + (1− δ)Ve(wt))]}

(2)

where b are unemployment benefits, δ gives the job destruction rate for employed
workers, and λi(st, wt) gives the perceived job finding rate given search effort st at
reservation wage wt for a worker with employment status i.

The characteristics of the function λi(st, wt) are a main object of interest in this
9Nekoei and Weber (2017) prove that for all random search models, there exists a job-finding

function such that a directed search model yields the same optimal job search strategy.
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paper. They determine a worker’s optimal search intensity and their target wage.
Rather than structurally estimate these functions on the basis of observed job finding
rates and search patterns, we make use of hypothetical questions to elicit respondents’
perceived returns to job search. Specifically, we present respondents with different
hypothetical scenarios and ask what they think the likelihood is that they will find a
new job within the next month. Motivated by the theoretical framework, the scenarios
vary along the following three dimensions: (i) the reservation wage, (ii) the timing of
the job search, and (iii) the search effort, expressed in terms of hours per week dedicated
to job search.

Before we introduce the hypothetical scenarios, all respondents are asked to state
what would be the lowest gross monthly salary that they would be willing to accept if
they were offered a new job the following month (henceforth we refer to this self-reported
minimum salary as the ‘reservation wage’). We then use their answers to construct two
levels of wage: (1) a low wage, corresponding to their reported reservation salary, and
(2) a high wage, which is 20% higher than the reported reservation salary. For each wage
level, respondents are asked to think about the case where they start looking for a job
immediately (‘search now’), or in September 2021 (‘search later’). Finally, for each level
of reservation wage and time of search, we ask respondents to think about the situation
where they look for a new job for a month, and additionally vary the average number of
hours per week spent searching for a new job (‘search effort’). For each scenario, we ask
respondents for their perceived likelihood of finding a new employment within a month
when they spend an average of 5, 10 or 15 hours per week, every week, searching for a
job. Therefore, each respondent is presented with twelve scenarios, which we illustrate
in Table 1.10

Table 1: Overview of hypothetical scenarios

Reservation wage 1.2 x Reservation wage

Searching Now Later Searching Now Later

5 hours p̃LW5,n p̃LW5,l 5 hours p̃HW5,n p̃HW5,l

10 hours p̃LW10,n p̃LW10,l 10 hours p̃HW10,n p̃HW10,l

15 hours p̃LW15,n p̃LW15,l 15 hours p̃HW15,n p̃HW15,l

Respondents’ answers to the twelve scenarios allow us to infer their beliefs about
10In the second survey we only ask respondents to consider the case where they immediately start

searching for a new job. Hence, respondents are presented with six scenarios in total in the second
survey.
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the level and shape of the job-finding function λi(st, wt), which we assume to depend
on search effort, reservation wage, and search timing. More specifically, we can learn
something about how respondents’ think their job finding probability depends on the
(perceived) state of the labor market by comparing the self-reported likelihoods of find-
ing a new job for the case where respondents immediately start searching to equivalent
responses for the case where they postpone their search until September 2021. Addi-
tionally, by comparing answers to equivalent scenarios with different search intensities,
we can draw inference on the degree of concavity or convexity of the job-finding function
with respect to search effort. Similarly, we can compare answers to scenarios that only
differ in the reservation wage to learn about the perceived elasticity of the job-finding
function with respect to the desired salary.

Outcome of job search In our second survey wave, we elicit information on the
outcome of respondents’ job search from respondents who state they have been looking
for a job since April 2021. In particular, we ask participants how many applications
they have sent, interviews they have been contacted for, and offers they have received
since April 2021. Additionally, we collect information on the type of job (full-time or
part-time), occupation, and monthly salary of the three best offers that participants
have received since April 2021, as well as whether they accepted any of these offers.

Personality traits and preferences In our first survey, we collect detailed infor-
mation on personality traits and economic preferences. In particular, we use a standard
10-item module to measure respondents’ locus of control (Rotter, 1966). We also ad-
minister experimentally validated survey modules to measure patience, willingness to
take risks, confidence in one’s own ability and the Big Five personality traits (Gerlitz
and Schupp 2005; Hahn, Gottschling and Spinath 2012; Falk et al. 2018; Buser, Niederle
and Oosterbeek 2021).

3 Search behavior

In this section, we describe the nature of the job search process for respondents to our
April survey wave. We further discuss the reasons for on-the-job search, the intensity of
search effort, and the job characteristics that individuals are targeting in their search.
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Extensive margin Figure 1 gives the share of respondents who, in April 2021, were
searching for a new job, not currently searching but planning to search within the
next year, and neither searching nor planning to search by employment status. We see
that the employed and self-employed are similarly unlikely to be searching for a job
with 11% and 13% currently searching, and 22% planning to search in the next year.
The furloughed are slightly more likely to search, with 17% actively searching and
37% planning to search, which does not come as a surprise as the furlough scheme was
scheduled to end by September 2021. Amongst those out of work, we see a much greater
propensity to search for a new job, with 54% currently searching and 30% planning to
do so within a year.

Figure 1: Search behavior by employment status
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Notes: The figure shows the share of respondents to the first wave who are actively searching for a job,
planning to start searching within the next 12 months or not planning to search, by employment status
in the week before the data collection. The sample is restricted to respondents to the first survey wave.

We can exploit the richness of our data to shed light on the reasons why workers who
are currently in paid work may be looking for a new job. 85% of in-work respondents
are looking for a job to replace their current one, as opposed to a job in addition to
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their main employment. In Figure 2 we plot the share of in-work respondents that cited
different reasons for actively searching or planning to search for a job, separately for
furloughed and not furloughed workers. The vast majority of searchers are motivated
by a risk that their current position may end and that the pay in their current position
is unsatisfactory.

Somewhat surprisingly, the risk of contracting Covid-19 at work or a desire to work
more from home are not common reasons for job search for either furloughed or in-
work respondents: approximately 5% of workers overall cite Covid risk as a driver of
their job search, and less than 20% of workers report a desire to work more from home
as one of the main reasons for their job search. In Table A.3 we explore demographic
heterogeneities in whether workers report pandemic-related concerns as the main drivers
of their job search. Overall, we do not uncover large systematic differences in whether
job-searchers are motivated by Covid risk or teleworking possibilities (both with and
without occupation and industry fixed effects). However, we find that women are 5
p.p. more likely to be citing working from home as a reason for job search.11 This is
consistent with Barrero, Bloom and Davis (2021a) who find that US women in June
2021 were more likely to consider switching to a new job at the same pay if it allowed
them to work two to three days from home per week.

We further check whether working from home is a salient driver of job search by
analyzing the relationship between the ability to work from home in one’s current job
and the proportion searching. Figure 3 shows that the relationship between individuals’
ability to do their tasks from home in their current or last job and search intentions is
essentially flat. Thus, the precarity of one’s current job is the main reason for searching
for new employment, rather than the novel aspects of job design made salient by the
pandemic.

Intensive margin Not everybody who is searching for a job searches with the same
intensity. In Figure 4, we show the distribution of the number of hours spent searching
per week, separately by employment status. We see that, irrespective of employment
status, the great majority of those searching non-zero hours in April 2021 searched
between 1 and 5 hours in the week prior to data collection. Appendix Figure A.1 makes
clear that, conditional on searching, those out of work search more. Looking at the
average hours searched by employment status in the left panel of Figure 5, we see that

11Respondents with children are significantly more worried about contracting Covid-19 at work than
childless workers.
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Figure 2: Reasons for job search
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Notes: The figure shows the share of in-work respondents who are actively searching or planning to
search for a new job, who mention each of the possible reasons for searching. Multiple responses are
possible. The left panel shows answers for in-work employees and self-employed workers, whereas the
right panel shows answers for respondents who are either in partial or full furlough. The sample is
restricted to respondents from the first survey wave who report being in paid work and being actively
searching for a job or planning to search within the following 12 months. The lines represent the 95%
confidence intervals.

employed workers searched on average 5.5 hours per week, against a corresponding figure
of 8.7 hours for those out of work. In Section 4 we consider whether these relatively
low search intensities can be rationalized by low perceived returns to additional effort
on the intensive margin.

Characteristics of job There is heterogeneity in the desired characteristics of jobs
across job seekers. In particular, we elicit the minimum monthly salary that workers
would be willing to accept when offered a new job, to shed light on the type of job
workers are searching for. In the right panel of Figure 5 we see monthly reservation
wages by employment status. The distributions are log-normal, and the distributions
for the employed and self-employed are shifted to the right relative to the furloughed
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Figure 3: Job search and ability to work from home
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Notes: The figure plots the relationship between the average share of tasks that workers can do from
home in their main or last job (x-axis) and the share of workers who report being searching or planning
to search for a job. The different panels show this relationship separately for in-work employees or
self-employed workers (left), employees on partial or full furlough (center) and out-of-work respondents
(right). The red line shows the line of best fit. Each bubble represents an occupation, and the size of
the bubble is proportional to the number of observations in each occupation. The sample is restricted
to respondents to the first survey wave and cells for which we have at least 5 observations.

and those out of work. On average, out-of-work respondents would be willing to accept
a monthly salary (before taxes) of £1358, against a reservation wage of about £2300
for in-work employees.

Lastly, individuals can target different occupations in their job search. The Covid-
19 pandemic has highlighted the advantages of being able to perform one’s tasks from
the home office (Adams-Prassl et al. 2020), which may lead some workers to switch
occupations in search of a job with more opportunities for telework. We again consider
whether job seekers systematically target occupations to satisfy a desire to work more
from home. The red circles and line in Figure 6 graphically represent the relationship
between the share of tasks that workers report being able to perform from home in
their current or last job (x-axis) and the share of workers who report searching for a job
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exclusively in an occupation that is different from their current or last one, separately
by employment status. Whilst individuals who are in paid work and who can do
relatively few of their tasks from home report a significantly higher willingness to switch
occupations compared to in-work or furloughed respondents who can do most of their
tasks from home, the correlation between ability to work from home and desire to
change occupation is less strong for those who are out of work.12

However, the strong association between teleworking possibility and desire to switch
occupation for in-work and furloughed respondents is largely driven by the overall less
favorable job characteristics of jobs that cannot be done from home. As exemplified
in Figure 2, the main reasons for search on the job, in general, are a risk of the job
ending and unsatisfactory pay. The gray circles and line in Figure 6 demonstrate that
the positive association between the desire to switch occupation and the ability to work
from home in one’s existing job becomes insignificant once the income, permanency,
and hours of the existing job are controlled for.13 Thus, the association between the
ability to work from home and the desire to switch occupations is primarily driven
by the fact that jobs which cannot be done from home tend to be unsatisfactory on
other dimensions. This again suggests that job characteristics made more salient by
the pandemic are not the primary influence on individuals’ job search strategies.14

12In Appendix Figure A.2 we show that the associations are slightly weaker for women.
13Specifically, the gray line and circles in the figure represent the relationship between the residuals

from an OLS regression of whether one is searching exclusively in another occupation on log income,
hours, and whether a job is permanent, and ability to work from home.

14We note that the relatively low importance of working from home and other job characteristics
made salient by the pandemic for individual job search strategies may be partly explained by the
fact that, at the time of our April 2021 data collection, the vaccination campaign against the new
coronavirus was well under way and there was a general optimism about the future state of the
economy and the evolution of the pandemic.
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Figure 4: Hours searched by employment status
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Notes: The figure shows the share of respondents to the first survey wave who searched for a job for
a certain number of hours by employment status in the week before the data collection.
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Figure 5: Average hours searched and monthly reservation wage (in £) by employment
status
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Notes: In the left panel we present average hours searched in the last week conditional on searching by
employment status. The thin bars represent the 95% confidence interval. In the right panel we display
the kernel density of monthly reservation wages by employment status. The sample is restricted to
observations from the first survey wave.
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Figure 6: Intentions to switch occupation and ability to work from home
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Notes: The figure plots the relationship between the average share of tasks that workers can do from
home in their main or last job (x-axis) and the share of workers who report being searching or planning
to search for a job in a different occupation from their current or last one (red circles). In gray circles
we represent the relationship between residualized willingness to switch occupations and ability to work
from home. Residuals come from an OLS regression of whether a worker reports searching or planning
to search for a job in a different occupation from their current or last one on log income, a dummy
for whether the job is permanent, and the number of hours. Each bubble represents an occupation,
and the size of the bubble is proportional to the number of observations in each occupation. The
dashed lines represent the best linear fit. The different panels show this relationship separately for
in-work employees or self-employed workers (left), employees on partial or full furlough (center) and
out-of-work respondents (right). The sample is restricted to respondents to the first survey wave who
report being actively searching for a job or planning to search within the next 12 months and cells for
which we have at least 5 observations.
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4 Perceived returns to search

How do respondents perceive the returns to different job search strategies? We here
use our elicited measures of perceived returns to job search to analyze how respondents
believe their probability of receiving a job offer varies with search intensity, search
timing, and targeted wage, and we identify systematic heterogeneities in perceived
returns across background characteristics.

We start by examining our main measure of returns to job search, i.e., the per-
ceived probability of receiving a job offer within one month, which we elicit using the
hypothetical scenarios described in Section 2.1. In Figure 7, we use observations from
the first survey wave in April and show perceived probabilities of receiving an offer,
λ(·), at the respondent’s reservation wage (solid line) and when the desired wage is
20% higher (dashed line) for different levels of search intensity (x-axis). The left panel
shows the perceived probabilities if searching now, whereas the right panel shows the
corresponding probabilities if only beginning to search later (in September 2021).15

We note three features that emerge from the graphs. First, the returns to search
effort, measured in hours per week spent searching for a job, look constant across the
intensive margin of search.16 While respondents perceive large returns from searching
5 hours per week, the function appears linear with respect to search intensity, and the
slope does not appear to be steep. For instance, the average perceived probability of
receiving an offer is 32% at 5 hours searched per week, which would correspond to 6.4
p.p. per hour searched. However, the perceived probability at 15 hours of search is
46%, i.e. for each of the additional 10 hours spent searching, the perceived probability
only increases by 1.4 p.p. This is true for both the high and low level of wages and
irrespective of the timing of job search.

Second, perceived probabilities of receiving an offer are negatively correlated with
the level of the desired wage: a target wage that is 20% above the reservation wage
leads to an approximate drop of 5 p.p. in the average perceived probability of receiving
a job offer, and the gap remains fairly constant across levels of search intensity. This is
reassuring as one would be unable to rationalize respondents’ stated reservation wage
if there was a weakly positive relationship between the probability of receiving a job

15Figure A.3 shows the distribution of perceived probabilities of receiving an offer for different levels
of search effort, for the scenarios where search starts immediately and the wage corresponds to the
reported reservation salary.

16We note that we cannot plot the intercept at zero hours searched as we did not ask perceived offer
arrival rates for a lower search effort than five hours per week.
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Figure 7: Average perceived probability of receiving an offer by hours searched
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Notes: The figure shows average perceived probabilities of receiving a job offer at the respondent’s
reservation wage (solid lines) or when the reservation wage is 20% higher (dashed lines), by hours
spent searching. The left panel shows these perceived probabilities for the scenarios where job search
happens at the time of data collection (April 2021), whereas the right panel shows equivalent perceived
probabilities for the scenarios where respondents only start looking for a job in September 2021. The
thin black lines represent the 95% confidence intervals. The sample is restricted to respondents to the
first survey wave.

offer and the desired wage.
Third, the perceived probability of finding a new job is uncorrelated with the timing

of the job search. If anything, searching for a new job in September is thought to result
in a lower average probability of being offered a job for all levels of search effort on
average.17 However, perceptions about the state of the economy might influence how
individuals perceive the returns to job search when searching at different times. In
Figure A.5 we present average perceived probabilities of receiving an offer for different
levels of search intensity and reservation wage, and with different search times, sepa-
rately by whether or not the respondent believes the economy will be doing better in

17Figure A.4 shows that perceived probabilities of receiving an offer behave very similarly for in-work,
furloughed and out-of-work respondents.
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September 2021 compared to April (red lines), or not (blue lines). We define the for-
mer group as ‘optimistic’ respondents, and the latter as ‘not optimistic’ or ‘pessimistic’.
Overall, respondents who are optimistic about the economic outlook also perceive the
probability of being offered a new job as significantly higher compared to pessimistic
respondents, for all search intensities and levels of desired wage.

Predictors of perceived average returns In Table 2 we analyze the determinants
of the average perceived probability of receiving a job offer by means of ordinary least
square regressions. In all columns, the dependent variable is the individual unweighted
average perceived probability of receiving a job offer within one month, which we cal-
culate by taking the mean of the perceived probabilities per hour searched across the
twelve hypothetical scenarios (i.e., the non-optimized, hypothetical search choices):

p̄i =

∑
h={5,10,15}

∑
s={n,l}

p̃LW
i,h,s + ∑

h={5,10,15}

∑
s={n,l}

p̃HW
i,h,s

12× 10 (3)

The sample is restricted to wave-one respondents. The average perceived probability
of finding a job is 3.6% per hour searched with a considerable standard deviation of
2.4%.18 Column 1 shows that respondents perceive the likelihood of receiving an offer
about 0.04 p.p. lower for every year of age, and respondents with a university degree
perceive it 0.25 p.p. higher. Surprisingly, furloughed workers and individuals who are
currently out of paid work perceive the probability of finding a new job to be 0.25 p.p.
and 0.40 p.p. higher compared to the baseline group of workers who are in paid work at
the time of data collection. These associations largely survive controlling for individual
personality traits and region fixed effects (column 2), occupation and industry fixed
effects (column 3) and the reservation wage (columns 4 and 5).19

Controlling for the full set of individual characteristics, women still report 0.25
p.p. higher average job finding probabilities than men. The regression analysis fur-
ther complements the finding from Figure 7 by showing that the perceived probability
of receiving a job offer is decreasing in the reservation wage also across respondents.
Turning to personality traits, respondents who are more patient, more willing to take
risks and have higher confidence in their abilities also report significantly higher average
perceived probabilities of being offered a new job. Amongst the Big Five traits, agree-

183% of respondents believe never, and 0.6% always, to find a job.
19Figure A.6 shows that out of work and furloughed respondents perceive the average probability of

finding a new job as significantly higher than in-work respondents for all levels of search intensity.
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ableness, extraversion and openness to new experiences are all positively correlated with
average perceived probabilities of being offered a job. In particular respondents with a
1 standard deviation higher agreeableness score perceive the job finding probability to
be 0.13 p.p. higher. Lastly, in line with Caliendo, Cobb-Clark and Uhlendorff (2015),
feeling in control of one’s own life is also found to be positively correlated with average
perceived returns to job search.
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Table 2: Predictors of average perceived probability of receiving an offer per hour
searched

(1) (2) (3) (4) (5)

Age -0.0446∗∗∗ -0.0398∗∗∗ -0.0407∗∗∗ -0.0377∗∗∗ -0.0387∗∗∗

(0.0031) (0.0033) (0.0034) (0.0033) (0.0034)

Female 0.1355∗ 0.3047∗∗∗ 0.3267∗∗∗ 0.2123∗∗∗ 0.2506∗∗∗

(0.0787) (0.0798) (0.0858) (0.0816) (0.0861)

Has children 0.3890∗∗∗ 0.3040∗∗∗ 0.3009∗∗∗ 0.3178∗∗∗ 0.3128∗∗∗

(0.0772) (0.0755) (0.0762) (0.0752) (0.0760)

University degree 0.1562∗∗ 0.1206 0.1302 0.2514∗∗∗ 0.2492∗∗∗

(0.0762) (0.0742) (0.0793) (0.0782) (0.0818)

Furloughed 0.2544∗∗ 0.2383∗∗ 0.2547∗∗ 0.1929 0.2280∗

(0.1244) (0.1176) (0.1218) (0.1180) (0.1216)

No work 0.3938∗∗∗ 0.3528∗∗∗ 0.3499∗∗∗ 0.1965∗∗ 0.1926∗∗

(0.0863) (0.0848) (0.0867) (0.0891) (0.0902)

Patience 0.0748∗ 0.0722∗ 0.0675 0.0654
(0.0415) (0.0420) (0.0413) (0.0418)

Willingness to take risks 0.3562∗∗∗ 0.3610∗∗∗ 0.3675∗∗∗ 0.3708∗∗∗

(0.0437) (0.0442) (0.0437) (0.0441)

Conscientious -0.0589 -0.0550 -0.0488 -0.0445
(0.0441) (0.0447) (0.0443) (0.0447)

Agreeable 0.1462∗∗∗ 0.1375∗∗∗ 0.1354∗∗∗ 0.1278∗∗∗

(0.0434) (0.0437) (0.0434) (0.0436)

Neurotic -0.0105 -0.0099 -0.0234 -0.0205
(0.0492) (0.0496) (0.0490) (0.0493)

Open 0.0969∗∗ 0.1094∗∗∗ 0.0840∗∗ 0.0989∗∗

(0.0413) (0.0423) (0.0412) (0.0420)

Extraverted 0.0637 0.0612 0.0689∗ 0.0719∗

(0.0413) (0.0417) (0.0410) (0.0415)

Locus of control 0.0644 0.0723∗ 0.0698 0.0762∗

(0.0430) (0.0432) (0.0431) (0.0431)

Confidence in own’s abilities 0.2384∗∗∗ 0.2417∗∗∗ 0.2501∗∗∗ 0.2484∗∗∗

(0.0476) (0.0477) (0.0475) (0.0476)

Log reservation wage -0.3402∗∗∗ -0.3955∗∗∗

(0.0625) (0.0667)

Constant 4.8068∗∗∗ 4.5990∗∗∗ 3.9047∗∗∗ 7.0367∗∗∗ 6.9131∗∗∗

(0.2283) (0.2323) (0.5921) (0.4989) (0.7709)

Observations 3914 3900 3892 3900 3892
R2 0.0867 0.1478 0.1586 0.1550 0.1673
Region FE Yes Yes Yes Yes Yes
Occ. & industry FE No No Yes No Yes

Notes: OLS regressions. Robust standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
The sample includes respondents to first survey wave. The dependent variable is the perceived prob-
ability of receiving a job offer averaged across the twelve hypothetical scenarios, on a 0-100 scale.
Region fixed effects refer to regions in England.
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Predictors of perceived marginal returns We now turn to examining individual
perceptions about the return to an additional hour spent on job search. To obtain a
measure of marginal returns, we calculate the difference in perceived probabilities of
receiving an offer when searching 5 or 10 hours per week, and 10 or 15 hours per week,
separately for the scenarios with different wage levels, and with immediate or postponed
timing of search. We then average all these quantities and divide the average by 5 to
obtain the individual specific average return to the marginal hour spent searching for a
new job. On average, respondents believe that each additional hour per week spent on
job search increases the probability of receiving a job offer within a month by 1.32 p.p.
Figure 8 shows the relationship between marginal returns to one hour of search and the
desired reservation wage: whilst there is evidence of a negative relationship between
the reservation wage and perceived marginal returns to job search, the marginal returns
are relatively flat across the distribution of reservation wages.

Figure 8: Perceived marginal return to hour searched by reservation wage
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Notes: The figure shows the average increase in the perceived probability of finding a job for one extra
hour spent searching, for different levels of the respondents’ reservation wage (x-axis). The sample is
restricted to respondents from the first survey wave.
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In Table 3 we regress the average perceived probability of receiving a job offer within
a month on the number of hours spent searching in the relevant hypothetical scenario.
We do this exercise separately for the scenarios with low and high levels of wage, and
with different timings of job search. In all specifications, we control for individual
fixed effects. We start with regressions that only include the number of hours spent
searching in the hypothetical scenario and respondent fixed effects (columns 1, 3, 5
and 7). Perceived marginal returns to one additional hour searched are very similar
across scenarios, and between 1.21 and 1.41 p.p. on average.

Table 3: Predictors of perceived probability of receiving an offer with individual fixed
effects

Now Later
Reservation 1.2 x Reservation Reservation 1.2 x Reservation

(1) (2) (3) (4) (5) (6) (7) (8)

Hours of search 1.4105∗∗∗ 2.0357∗∗∗ 1.2850∗∗∗ 1.9096∗∗∗ 1.3519∗∗∗ 2.0144∗∗∗ 1.2146∗∗∗ 1.7664∗∗∗

(0.0240) (0.0956) (0.0217) (0.0867) (0.0214) (0.0853) (0.0201) (0.0803)

Age x Hours -0.0244∗∗∗ -0.0232∗∗∗ -0.0226∗∗∗ -0.0203∗∗∗

(0.0019) (0.0017) (0.0017) (0.0016)

Woman x Hours 0.2000∗∗∗ 0.1886∗∗∗ 0.0879∗∗ 0.1476∗∗∗

(0.0496) (0.0450) (0.0443) (0.0416)

Uni x Hours 0.0180 0.0071 -0.0664 -0.0527
(0.0481) (0.0436) (0.0429) (0.0403)

Optimistic x Hours 0.3323∗∗∗ 0.2730∗∗∗ 0.3276∗∗∗ 0.2873∗∗∗

(0.0479) (0.0434) (0.0428) (0.0402)

Constant 24.8217∗∗∗ 24.8236∗∗∗ 19.6831∗∗∗ 19.6825∗∗∗ 25.2341∗∗∗ 25.2343∗∗∗ 21.7533∗∗∗ 21.7551∗∗∗

(0.2589) (0.2547) (0.2348) (0.2309) (0.2312) (0.2273) (0.2173) (0.2139)

Observations 11836 11836 11837 11837 11832 11832 11822 11822
R2 0.3051 0.3276 0.3069 0.3302 0.3360 0.3581 0.3163 0.3381
Individual FE Yes Yes Yes Yes Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents to first
survey wave. The dependent variable is the perceived probability of receiving a job offer (0-100). Columns 1-2 and 3-4 refer to the
scenarios where the respondents are searching at the time of data collection, with the normal and high level of reservation wage respec-
tively. Columns 5-6 and 7-8 report equivalent regressions for the scenarios where respondents are only searching for a job in September
2021. In all columns, regressions are performed using the responses to the three relevant hypothetical job search scenarios. ‘Hours of
search’ takes values 5, 10 and 15, based on the relevant hypothetical scenario. All regressions include individual fixed effects.

We then subsequently add interaction variables of hours spent searching with age,
gender, whether the respondent has a university education and an indicator for the
perceived state of the economy, to analyze how perceived marginal returns vary across
background characteristics (see columns 2, 4, 6 and 8). In the baseline scenario, per-
ceived returns to one additional hour of job search are 0.024 p.p. lower per year of
age. The cross-sectional results for average returns are also confirmed for women, who
perceive the marginal return to be 0.2 p.p. higher. For university educated individuals
we find no significant difference in perceived marginal returns. Individuals who are op-
timistic about the future economic outlook also perceive the marginal return to search
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to be up to 0.33 p.p. higher. Given that this difference is independent of time of search,
the individuals appear to be optimistic in general rather than just optimistic about
the economy at a certain point in time. In Appendix Table A.4 we run the regressions
separately for the employed, furloughed, and unemployed and find that the unemployed
perceive the marginal returns as highest, followed by the furloughed, and finally the
employed who have the lowest perceived marginal returns to an hour searched. In Ap-
pendix Table A.5 we further look into whether perceived marginal returns on average
are linear by interacting hours searched with a dummy indicating the high intensity
search scenario with 15 hours. The interaction coefficient is mildly negative and in-
significant in all specifications, suggesting that, if anything, perceived marginal returns
on average are mildly concave.

4.1 Heterogeneity in perceived returns

We further look at the systematic heterogeneity in perceived returns across individu-
als by exploiting the fact that we have 12 scenarios per respondent. In Figure 9 we
show the distribution of the different components of the parameterized search function
recovered from running separate regressions for each individual explaining job finding
probabilities.20 It is clear that there is substantial heterogeneity in the shape of the
returns to search effort function across individuals; for example, some workers per-
ceive searching later will raise their job finding probability, while others think theirs
will be depressed. In Appendix Table A.6 we then relate estimated parameters of the
search function to individual characteristics and find that risk takers perceive levels
and marginal returns to be higher and that a higher locus of control predicts higher
perceived marginal returns to job search.21

As a final step in documenting the shape of the job search function, we investigate
20More specifically, we estimate the OLS regression explaining job finding probability pij = αi +

βihj +γisj +ζiWj +ε based on hours searched h, timing s, and low or high wageW for each individual
i across scenarios j and then retrieve the individual coefficients α̂i, β̂i, γ̂i, and ζ̂i. Then for each of
these, we run a regression of the form yi = δ+ τXi + ε for y ∈ {α̂, β̂, γ̂, ζ̂} on individual characteristics
Xi.

21The mass points at zero across characteristics will reflect a combination of individual inattention,
causing an attenuation of true parameters, and structural invariance, i.e. that workers really do not
believe that there is any impact of one’s job search strategy on the job finding rates. By revealed
preference, we argue that any individual who has a weakly positive coefficient on the reservation wage,
i.e. they perceive their job finding rate would be higher at a 20% reservation wage, is likely to be
inattentive. In the Appendix, we show that removing these individuals from the analysis renders the
resulting distributions much more smooth but does not alter any of our conclusions about importance
of heterogeneity, nor its relationship with observable characteristics.
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Figure 9: Distributions of estimated coefficients of perceived job finding probability for
each respondent

0

.01

.02

.03

.04

.05

0 20 40 60 80

Intercept

0

.5

1

1.5

0 1 2 3 4

Marginal return

0

.05

.1

.15

.2

-20 -10 0 10 20

Search later

0

.05

.1

.15

.2

-30 -20 -10 0 10

Higher reservation wage

Notes: The Figure shows the distribution of estimated coefficients from the OLS regressions explaining
job finding probability pij ∈ [0, 100] as in pij = αi + βihj + γisj + ζiWj + ε based on hours searched
h, timing s, and low or high wage W for each individual i across scenarios j. The top left panel shows
the histogram of individual coefficients α̂i, the top right of β̂i, the bottom left of γ̂i, and the bottom
right of ζ̂i. The red dashed line indicates the median. The sample is restricted to respondents from
the first survey wave and the plot excludes the top and bottom five percentiles.

whether the assumption of linearity in perceived returns at the intensive margin, i.e.
constant marginal returns for search between 5-15 hours, is reasonable. For this en-
deavour we again run a regression for each individual separately. However, instead of
controlling for hours searched, we control for medium (10h) and high (15h) search efforts
using dummy variables, with a low (5h) search effort as the baseline category. We then
compute the implied marginal return per hour for 5-10 hours searched and 10-15 hours
searched. In the left panel of Figure 10 we see that distributions of marginal returns
to one additional hour searched for medium vs high effort are very similar. Marginal
returns for intermediate hours searched are slightly higher, which is confirmed in the
scatter plot in the right panel. Therefore, it appears that the perceived job search
function exhibits a mild concavity for most respondents. In Appendix Table A.7 we
additionally interact medium and high intensity search efforts with individual charac-
teristics and find that concavity is increasing in age and men also are more likely to
perceive larger decreases in marginal returns than women.

28



Figure 10: Distributions of estimated coefficients for marginal returns to medium and
high search efforts for each respondent
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Notes: The Figure shows the distribution of estimated coefficients from the OLS regressions explaining
job finding probability pij ∈ [0, 100] as in pij = αi+βMi hM +βHi hH +γisj +ζiWj +ε based on dummy
variables for medium (10h) and high (15h) hours searched h, timing s, and low or high wage W for
each individual i across scenarios j. The top left panel shows the histogram of marginal returns to
one hour search of medium vs high effort. The right panel shows a scatter plot of to one hour search
of medium vs high effort. The black line represents the 45 degree line. The sample is restricted to
respondents from the first survey wave and the plot excludes the top and bottom five percentiles.

Different occupations and industries in general face different realities, and partic-
ularly during the pandemic. We, therefore, in Figure 11 break down perceived job
finding probabilities by occupation and industry. The occupations with the highest
perceived marginal returns are ‘Building and Grounds Cleaning and Maintenance’ and
‘Food Preparation and Serving’, while those with lowest are ‘Installation, Maintenance,
and Repair’ and ‘Construction and Extraction’. It appears that perceived marginal re-
turns are higher in some occupations such as ‘Food Preparation and Serving’ which had
been hit hard by the pandemic and indeed were likely facing many vacancies while the
economy was reopening. Similar patterns can be observed for industries on the right. In
Appendix Figure A.7, we further look at whether the perceived convexity or concavity
varies systematically across occupations and industries by plotting the median ratio
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between the perceived marginal returns of hours 10-15 to 5-10. For all occupations and
industries the median ratio lies below but relatively close to 1.

Figure 11: Mean perceived marginal return by occupation and industry
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h, timing s, and low or high wage W for each individual i across scenarios j. The figure displays the
mean βi across occupations (left) and industries (right).

30



4.2 Do beliefs predict receiving a job offer?

A natural question that arises is to what extent beliefs about the shape of the job
finding function predict respondents’ job search strategies. Moreover, are respondents
who perceive the probability of receiving an offer as higher, more successful in their job
search?

In Figure 12 we plot the relationship between average perceived probabilities of
receiving a job offer from the hypothetical scenarios (x-axis) and search behavior in
April (y-axis). Respondents who think it is more likely on average that they will
be offered a new job, holding constant search effort, are also more likely to be actively
searching for a job at the time of the first data collection, or to report they are planning
to start looking for a job within the next year. In Table 4 we confirm this unconditional
association between perceived probability of finding a job and actual search behavior in
a regression framework. The dependent variable is a binary indicator for whether the
respondent reports either being actively searching for a job or planning to start searching
within 12 months, at the time of the first data collection. The sample is restricted to
April respondents. As can be seen in column 1, controlling for employment status, a
10 p.p. increase in the average perceived probability of finding a job is associated with
a 4 p.p. higher likelihood of being searching or planning to search for a new job. The
coefficient decreases slightly but remains significant when additionally controlling for
background characteristics (column 2), the respondent’s reservation wage and region
fixed effects (column 3), personality traits and optimism about the state of the economy
(column 4), and occupation and industry fixed effects (column 5). When controlling
for perceived returns to job search, we find a negative association between having an
internal locus of control and being actively searching or planning to search for a job.
This suggests that the positive association between locus of control and job search
that has been documented in previous literature (Caliendo, Cobb-Clark and Uhlendorff
2015) operates through differences in perceived returns to job search.

Next we turn to analyzing whether differences in perceptions about the impact of
job search are also associated with differences in job search success. In Figure 13 we
exploit information from our second survey wave on the outcome of the search process
to show that average perceived probabilities of being offered a new job elicited from the
hypothetical scenarios are positively correlated with the probability of receiving at least
one job offer since April (left panel) and the actual number of job offers received (right
panel) between April 2021 and the time of the second data collection. Table 5 further
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Figure 12: Perceived probability of receiving an offer and search behavior
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Notes: Binned scatter plot. The graph shows the relationship between respondents’ average perceived
probability of finding a job in April 2021 (x-axis) and whether respondents was actively searching
for a new job in April. The red line represents the line of quadratic fit. The sample is restricted to
respondents to the first survey wave.

confirms this positive association between perceived job finding probability and search
success in a regression framework. Our specifications that control for a broad range
of individual and job characteristics, as well as search intensity, show that respondents
who report a 10 p.p. higher average probability of being offered a job are also 1.4 p.p.
more likely to have received a job offer (column 2), and have received 0.04 more offers
on average (column 4).

4.3 Updating

Finally, we exploit information from our second survey wave to analyze how respon-
dents update their perceived returns to hours spent searching for a job, and whether
there are systematic differences in updating behavior depending on the outcome of one’s
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Figure 13: Perceived probability of receiving an offer and outcome of job search
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Notes: Binned scatter plots. The left panel shows the relationship between respondents’ average
perceived probability of finding a job elicited from the hypothetical scenarios in April 2021 (x-axis)
and whether respondents actually received at least one offer between April 2021 and the time of the
second data collection (y-axis). The right panel plots a similar relationship, but where on the y-axis
we plot the number of offers received between April 2021 and the time of our second survey wave. In
both panels, all variables have been residualized on month of interview fixed effects before plotting.
The red line represents the linear fit. The sample is restricted to respondents to the second survey
wave.

job search.22 In Table A.8 we regress the average perceived job finding probability as
elicited at the time of our second survey wave on the same average perceived proba-
bility calculated from responses to the first survey wave, as well as on two different
measures of job search success. The analysis shows that respondents with higher per-
ceived impacts of job search in April also report higher average job finding probabilities
in July. Moreover, participants update the perceived impacts of job search upwards

22Mueller, Spinnewijn and Topa (2021) find that job finding probabilities are not revised down in
response to continued unemployment for the long term unemployed, despite their level having predictive
power.
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when successful with their job search.23 Indeed, column 1 shows that respondents who
have received at least one job offer since April 2021 report a 8.1 p.p. higher average
perceived job finding probability in wave 2. Similarly, average perceived returns to job
search are higher, the more offers participants have received between April and July
2021 (see column 2).

This includes Mueller, Spinnewijn and Topa (2021) who show that on average job
seekers do not appear to update their beliefs about the probability of finding a job and
Potter (2021) who shows how job seekers adjust their job search behavior in response
to the receipt of an offer, which is in line with the results in Appendix Table A.8.

23This is consistent with Potter (2021) who shows that search effort jumps discretely after a job
offer is received in the context of the Great Recession.
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Table 4: Predictors of search behavior

(1) (2) (3) (4) (5)

Perceived job finding probability 0.0042∗∗∗ 0.0033∗∗∗ 0.0032∗∗∗ 0.0030∗∗∗ 0.0029∗∗∗

(0.0003) (0.0003) (0.0003) (0.0003) (0.0003)

Employed - On partial furlough 0.2122∗∗∗ 0.1895∗∗∗ 0.1740∗∗∗ 0.1650∗∗∗ 0.1649∗∗∗

(0.0339) (0.0333) (0.0331) (0.0329) (0.0333)

Employed - On full furlough 0.1561∗∗∗ 0.1423∗∗∗ 0.1254∗∗∗ 0.1076∗∗∗ 0.1144∗∗∗

(0.0314) (0.0308) (0.0307) (0.0303) (0.0315)

Self-employed 0.0118 0.0238 0.0024 -0.0036 0.0168
(0.0263) (0.0258) (0.0258) (0.0258) (0.0274)

Not in work 0.4655∗∗∗ 0.4250∗∗∗ 0.3788∗∗∗ 0.3702∗∗∗ 0.3665∗∗∗

(0.0165) (0.0166) (0.0175) (0.0175) (0.0179)

Age -0.0071∗∗∗ -0.0065∗∗∗ -0.0051∗∗∗ -0.0051∗∗∗

(0.0006) (0.0006) (0.0006) (0.0006)

Female -0.0549∗∗∗ -0.0800∗∗∗ -0.0636∗∗∗ -0.0575∗∗∗

(0.0145) (0.0148) (0.0153) (0.0163)

Has children -0.0109 -0.0063 -0.0114 -0.0118
(0.0144) (0.0144) (0.0143) (0.0144)

University degree 0.0565∗∗∗ 0.0834∗∗∗ 0.0775∗∗∗ 0.0835∗∗∗

(0.0140) (0.0148) (0.0148) (0.0155)

Log reservation wage -0.0886∗∗∗ -0.0859∗∗∗ -0.0869∗∗∗

(0.0113) (0.0113) (0.0120)

Patience -0.0058 -0.0050
(0.0076) (0.0076)

Willingness to take risks 0.0490∗∗∗ 0.0495∗∗∗

(0.0078) (0.0079)

Conscientious 0.0029 0.0041
(0.0081) (0.0082)

Agreeable 0.0001 -0.0008
(0.0079) (0.0080)

Neurotic -0.0056 -0.0063
(0.0090) (0.0090)

Open 0.0164∗∗ 0.0175∗∗

(0.0078) (0.0079)

Extraverted 0.0057 0.0069
(0.0077) (0.0077)

Confidence in own’s abilities -0.0132 -0.0140
(0.0089) (0.0090)

Locus of control -0.0546∗∗∗ -0.0542∗∗∗

(0.0078) (0.0079)

Optimistic -0.0112 -0.0132
(0.0140) (0.0140)

Constant 0.2007∗∗∗ 0.5361∗∗∗ 1.1519∗∗∗ 1.0870∗∗∗ 0.8823∗∗∗

(0.0138) (0.0327) (0.0928) (0.0937) (0.1417)

Observations 3914 3914 3914 3900 3892
R2 0.2304 0.2621 0.2759 0.2980 0.3099
Region FE No No Yes Yes Yes
Occ. & industry FE No No No No Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sam-
ple includes respondents to first survey wave. The dependent variable is a binary indicator for whether
the respondent is either actively searching for a job in April 2021 or plans to start searching for a job
within the following year. Region fixed effects refer to regions in England.
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Table 5: Predictors of outcome of job search

Received an offer Number of offers received

(1) (2) (3) (4)

Perceived job finding probability 0.0025∗∗∗ 0.0014∗∗∗ 0.0061∗∗∗ 0.0037∗∗∗

(0.0003) (0.0003) (0.0008) (0.0008)

Hours per week dedicated to job search since April 2021 0.0160∗∗∗ 0.0148∗∗∗ 0.0309∗∗∗ 0.0282∗∗∗

(0.0014) (0.0014) (0.0035) (0.0035)

Log reservation wage -0.0322∗∗∗ -0.0446∗∗∗ -0.0203 -0.0375
(0.0099) (0.0121) (0.0253) (0.0309)

Age -0.0058∗∗∗ -0.0115∗∗∗

(0.0007) (0.0018)

Female -0.0221 -0.0036
(0.0170) (0.0434)

Has children 0.0068 0.0434
(0.0151) (0.0385)

University degree 0.0358∗∗ 0.0393
(0.0158) (0.0404)

Patience 0.0121 0.0668∗∗∗

(0.0080) (0.0205)

Willingness to take risks 0.0163∗∗ 0.0143
(0.0081) (0.0208)

Conscientious 0.0058 -0.0236
(0.0085) (0.0216)

Agreeable -0.0049 -0.0449∗∗

(0.0082) (0.0211)

Neurotic 0.0157∗ 0.0469∗∗

(0.0094) (0.0239)

Open -0.0004 0.0228
(0.0082) (0.0208)

Extraverted 0.0132∗ 0.0162
(0.0080) (0.0203)

Confidence in own’s abilities 0.0160∗ 0.0866∗∗∗

(0.0094) (0.0240)

Locus of control -0.0114 -0.0516∗∗

(0.0082) (0.0209)

Optimistic 0.0207 0.0252
(0.0145) (0.0371)

Employed - On partial furlough 0.0389 0.2995∗∗∗

(0.0450) (0.1149)

Employed - On full furlough -0.0161 0.0774
(0.0500) (0.1278)

Self-employed -0.0457∗ -0.0888
(0.0256) (0.0654)

Not in work -0.1218∗∗∗ -0.2328∗∗∗

(0.0187) (0.0477)

Constant 0.2788∗∗∗ 0.6568∗∗∗ 0.1525 1.0965∗∗∗

(0.0754) (0.1440) (0.1918) (0.3679)

Observations 2415 2403 2415 2403
R2 0.0929 0.1705 0.0609 0.1318
Region FE No Yes No Yes
Occ. & industry FE No Yes No Yes
Month FE Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes
respondents to first survey wave. The dependent variable in Columns (1) and (2) is a binary indicator for whether
the respondent received a job offer between April 2021 and the second survey wave. The dependent variable in
Columns (3) and (4) is the number of offers received since April 2021. Region fixed effects refer to regions in England.
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5 Conclusion

In this paper, we shed light on the perceived returns to job search effort. We show that
while individuals are, on average, over-optimistic about their likelihood of receiving a
job offer in the next month, subjective probabilities vary meaningfully with observable
characteristics and correlate with realized search behavior and job finding rates. Indi-
viduals perceive a trade-off between job finding rates and the target wage and perceive
a relatively low return to additional search effort beyond 5 hours per week. This con-
trasts with policy approaches where eligibility to benefits often hinges on treating job
search like a full-time job.

We have also presented detailed evidence on the characteristics of job search in
the UK economy as policy moved to emphasize adaptation to Covid-19 over virus
elimination. We show that new aspects of job design made salient by the pandemic
are not primary motives for on-the-job search. A desire to work more from home was
cited as a primary reason for search by 14% of workers, while only 5% cited the risk
of Covid infection. This is compared to 77% of workers who were searching due to
a concern about their position ending. The probability of search amongst employed
and furloughed workers is uncorrelated with their ability to work from home in their
current job, and a preference for switching into a new occupation is uncorrelated with
the ability to work from home once pay, hours, and the permanency of the existing
contract are accounted for.

Our findings on the shape of the perceived job finding function have implications
for empirical and theoretical work on job search. Most survey modules on perceived
job finding probabilities do not condition on search effort. For example, the Survey of
Consumer Expectations asks:

“What do you think is the percent chance that within the coming 3 months,
you will find a job that you will accept, considering the pay and type of
work?”

We find that respondents on average perceive a significantly positive but relatively low
marginal return to search. This finding can, absent more detailed information, justify
this common practice and can also help rationalize the relatively low search intensities
reported in surveys. Furthermore, theoretical treatments of job search can calibrate
their choice of functional form to be consistent with the perceived elasticities of job
finding probabilities with respect to search effort documented in this paper.

37



References

Adams, Abi, and Alison Andrew. 2019. “Preferences and beliefs in the marriage
market for young brides.” IFS Working Papers.

Adams-Prassl, Abi, Teodora Boneva, Marta Golin, and Christopher Rauh.
2020. “Inequality in the Impact of the Coronavirus Shock: Evidence from Real Time
Surveys.” Journal of Public Economics, 189.

Adams-Prassl, Abi, Teodora Boneva, Marta Golin, and Christopher Rauh.
2021. “The Value of Sick Pay.”

Arni, Patrick P. 2015. “Opening the Blackbox: How Does Labor Market Policy Affect
the Job Seekers’ Behavior? A Field Experiment.”

Attanasio, Orazio P, and Katja M Kaufmann. 2017. “Education choices and
returns on the labor and marriage markets: Evidence from data on subjective expec-
tations.” Journal of Economic Behavior & Organization, 140: 35–55.

Bachmann, Ronald, and Daniel Baumgarten. 2013. “How do the unemployed
search for a job?–Evidence from the EU Labour Force Survey.” IZA Journal of Eu-
ropean Labor Studies, 2(1): 1–25.

Barrero, Jose Maria, Nicholas Bloom, and Steven J Davis. 2021a. “Let me
work from home, or I will find another job.” University of Chicago, Becker Friedman
Institute for Economics Working Paper, , (2021-87).

Barrero, Jose Maria, Nicholas Bloom, and Steven J Davis. 2021b. “Why work-
ing from home will stick.” National Bureau of Economic Research.

Belot, Michele, Philipp Kircher, and Paul Muller. 2019. “Providing advice to
jobseekers at low cost: An experimental study on online advice.” The review of eco-
nomic studies, 86(4): 1411–1447.

Belot, Michèle, Philipp Kircher, and Paul Muller. 2022a. “Do the Long-
Term Unemployed Benefit from Automated Occupational Advice during Online Job
Search?”

Belot, Michèle, Philipp Kircher, and Paul Muller. 2022b. “How Wage An-
nouncements Affect Job Search—A Field Experiment.” American Economic Journal:
Macroeconomics.

Blau, David M, and Philip K Robins. 1990. “Job search outcomes for the employed
and unemployed.” Journal of political Economy, 98(3): 637–655.

Boneva, Teodora, and Christopher Rauh. 2018. “Parental beliefs about returns to
educational investments—the later the better?” Journal of the European Economic

38



Association, 16(6): 1669–1711.
Boneva, Teodora, Marta Golin, Katja Kaufmann, and Christopher Rauh.
2022. “Beliefs about maternal labor supply.” Mimeo.

Buser, Thomas, Muriel Niederle, and Hessel Oosterbeek. 2021. “Can compet-
itiveness predict education and labor market outcomes? Evidence from incentivized
choice and survey measures.” National Bureau of Economic Research.

Caliendo, Marco, Deborah A Cobb-Clark, and Arne Uhlendorff. 2015. “Locus
of control and job search strategies.” Review of Economics and Statistics, 97(1): 88–
103.

Carrillo-Tudela, Carlos, Camila Comunello, Alex Clymo, Annette Jäckle,
Ludo Visschers, and David Zentler-Munro. 2021. “Search and Reallocation in
the COVID-19 Pandemic: Evidence from the UK.”

Cortés, Patricia, Jessica Pan, Laura Pilossoph, and Basit Zafar. 2021. “Gender
differences in job search and the earnings gap: Evidence from business majors.”
National Bureau of Economic Research.

Costa Dias, Monica, Robert Joyce, Fabien Postel-Vinay, and Xiaowei Xu.
2020. “The challenges for labour market policy during the Covid-19 pandemic.” Fiscal
Studies, 41(2): 371–382.

Delavande, Adeline, and Hans-Peter Kohler. 2009. “Subjective expectations in
the context of HIV/AIDS in Malawi.” Demographic research, 20: 817.

DellaVigna, Stefano, and M Daniele Paserman. 2005. “Job search and impa-
tience.” Journal of Labor Economics, 23(3): 527–588.

DellaVigna, Stefano, Jörg Heining, Johannes F Schmieder, and Simon Tren-
kle. 2020. “Evidence on job search models from a survey of unemployed workers in
germany.” NBER Working Paper, , (w27037).

Eugster, Beatrix, Rafael Lalive, Andreas Steinhauer, and Josef Zweimüller.
2017. “Culture, work attitudes, and job search: Evidence from the Swiss language
border.” Journal of the European Economic Association, 15(5): 1056–1100.

Faberman, R Jason, Andreas I Mueller, Ayşegül Şahin, and Giorgio Topa.
2022. “Job search behavior among the employed and non-employed.” Econometrica,
90(4): 1743–1779.

Falk, Armin, Anke Becker, Thomas Dohmen, Benjamin Enke, David Huff-
man, and Uwe Sunde. 2018. “Global evidence on economic preferences.” The Quar-
terly Journal of Economics, 133(4): 1645–1692.

Gerlitz, Jean-Yves, and Jürgen Schupp. 2005. “Zur Erhebung der Big-Five-

39



basierten persoenlichkeitsmerkmale im SOEP.” DIW Research Notes, 4: 2005.
Hahn, Elisabeth, Juliana Gottschling, and Frank M Spinath. 2012. “Short mea-
surements of personality–Validity and reliability of the GSOEP Big Five Inventory
(BFI-S).” Journal of Research in Personality, 46(3): 355–359.

Hensvik, Lena, Thomas Le Barbanchon, and Roland Rathelot. 2020. “Which
jobs are done from home? Evidence from the American Time Use Survey.”

Hensvik, Lena, Thomas Le Barbanchon, and Roland Rathelot. 2021. “Job
search during the COVID-19 crisis.” Journal of Public Economics, 194: 104349.

Jäger, Simon, Christopher Roth, Nina Roussille, and Benjamin Schoefer.
2022. “Worker Beliefs About Outside Options.” National Bureau of Economic Re-
search.

Jung, Philip, and Moritz Kuhn. 2019. “Earnings losses and labor mobility over the
life cycle.” Journal of the European Economic Association, 17(3): 678–724.

Kroft, Kory, Fabian Lange, and Matthew J Notowidigdo. 2013. “Duration
dependence and labor market conditions: Evidence from a field experiment.” The
Quarterly Journal of Economics, 128(3): 1123–1167.

Krueger, Alan B, and Andreas I Mueller. 2016. “A contribution to the empirics
of reservation wages.” American Economic Journal: Economic Policy, 8(1): 142–79.

Marinescu, Ioana, and Daphné Skandalis. 2021. “Unemployment insurance and
job search behavior.” The Quarterly Journal of Economics, 136(2): 887–931.

Marinescu, Ioana Elena, Daphné Skandalis, and Daniel Zhao. 2020. “Job
search, job posting and unemployment insurance during the COVID-19 crisis.” Job
Posting and Unemployment Insurance During the COVID-19 Crisis (July 30, 2020).

Mortensen, Dale T. 1986. “Job search and labor market analysis.” Handbook of labor
economics, 2: 849–919.

Mueller, Andreas, and Johannes Spinnewijn. 2022. “Expectations data, labor
market and job search.” Handbook of Economic Expectations.

Mueller, Andreas I, Johannes Spinnewijn, and Giorgio Topa. 2021. “Job Seek-
ers’ Perceptions and Employment Prospects: Heterogeneity, Duration Dependence,
and Bias.” American Economic Review, 111(1): 324–63.

Murray, Christopher JL. 2022. “COVID-19 will continue but the end of the pan-
demic is near.” The Lancet.

Nekoei, Arash, and Andrea Weber. 2017. “Does extending unemployment benefits
improve job quality?” American Economic Review, 107(2): 527–61.

Pan, Wei-Fong. 2020. “Job Search Behaviour in the United States during the COVID-

40



19 Pandemic.” Available at SSRN 3596830.
Potter, Tristan. 2021. “Learning and job search dynamics during the Great Reces-
sion.” Journal of Monetary Economics, 117: 706–722.

Rotter, Julian B. 1966. “Generalized Expectancies for Internal Versus External Con-
trol of Reinforcement.” Psychological Monographs: General and Applied, 80(1): 1–28.

Spinnewijn, Johannes. 2015. “Unemployed but optimistic: Optimal insurance design
with biased beliefs.” Journal of the European Economic Association, 13(1): 130–167.

41



A Additional tables and figures

Figure A.1: Hours searched by employment status conditional on searching
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Notes: The figure shows the share of respondents to the first survey wave who searched for a job for
a certain number of hours by employment status in the week before the data collection.
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Figure A.2: Intentions to switch occupation and ability to work from home by gender
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Notes: The figure plots the relationship between the average share of tasks that workers can do from
home in their main or last job (x-axis) and the share of workers who report being searching or planning
to search for a job in a different occupation from their current or last one, separately by gender. The top
and bottom rows show graphs for male and female respondents and female respondents, respectively.
The different panels show this relationship separately for in-work employees or self-employed workers
(left), employees on partial or full furlough (center) and out-of-work respondents (right). The red
line shows the line of best fit. Each bubble represents an occupation, and the size of the bubble is
proportional to the number of observations in each occupation. The sample is restricted to respondents
to the first survey wave who report being actively searching for a job or planning to search within the
next 12 months and cells for which we have at least 5 observations.
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Figure A.3: Distribution of perceived probability of receiving an offer by hours searched
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Notes: The figure shows the distribution of average perceived job finding probabilities at the desired
reservation wage from the hypothetical scenarios where respondents start their job search at the time
of data collection, for different levels of search intensity. The sample is restricted to respondents to
the first survey wave.
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Figure A.4: Average perceived probability of receiving an offer by hours searched &
employment status

(a) In work (b) Furloughed
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Notes: The sample is restricted to respondents to the first survey wave. The graphs show average
perceived probabilities of receiving a job offer by hours spent searching. Panel (a) shows average
perceived probabilities for in-work respondents (either employees or self-employed). Panels (b) and (c)
refer to furloughed and out-of-work respondents, respectively. The thin vertical lines represent 95%
confidence intervals.
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Figure A.5: Average perceived probability of receiving an offer by hours searched &
expectations about the economy
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Notes: The sample is restricted to respondents to the first survey wave. The graph shows average
perceived probabilities of receiving a job offer at the respondent’s reservation wage (solid lines) or
when the reservation wage is 20% higher (dashed lines), by hours spent searching and by whether or
not the respondent thought the economy would be doing better in September 2021 than in April 2021
(red and blue lines indicate an optimistic or a neutral / pessimistic outlook, respectively). The left
panel shows these perceived probabilities for the scenarios where job search happens at the time of
data collection (April 2021), whereas the right panel shows equivalent perceived probabilities for the
scenarios where respondents only start looking for a job in September 2021. The thin vertical lines
represent 95% confidence intervals.
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Figure A.6: Average perceived probability of receiving an offer by hours searched &
employment status
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Notes: The sample is restricted to respondents to the first survey wave. The graph shows average
perceived probabilities of receiving a job offer, by hours spent searching and by employment status in
week before the data collection. The thin vertical lines represent 95% confidence intervals.
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Figure A.7: Median ratio between perceived marginal return to hours 10-15 and hours
5-10 across occupations and industries

Building and Grounds Cleaning and Maintenance

Life, Physical, and Social Science

Legal

Production

Architecture and Engineering

Healthcare Practitioners and Technical occ.

Personal Care and Service

Management

Arts, Design, Entertainment, Sports, and Media

Office and Administrative Support

Farming, Fishing, and Forestry

Installation, Maintenance, and Repair

Business and Financial Operations

Protective Service

Educational Instruction and Library

Computer and Mathematical

Healthcare Support

Community and Social Service

Transportation and Material Moving

Sales and Related Occupations

Construction and Extraction

Food Preparation and Serving

0 .2 .4 .6 .8 1
Mean ratio marginal return hours 10-15/5-10

Mining and Quarrying

Activities of Households as Employers

Water Supply etc.

Electricity, Gas, Steam etc.

Transportation and Storage

Manufacturing

Real Estate Activities

Human Health and Social Work

Professional Activities

Agriculture Forestry and Fishing

Construction

Education

Financial and Insurance Activities

Information and Communication

Arts, Entertainment and Recreation

Wholesale and Retail Trade

Accommodation and Food Service Activities

Other Service Activities

Administrative and Support Services

Public Administration and Defence

0 .2 .4 .6 .8 1
Mean ratio marginal return hours 10-15/5-10

Notes: The figure displays the median ratio of high intensity to medium intensity returns βH
i

βM
i

across
occupations (left) and industries (right).
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Table A.1: Sample representativeness

In work Not in work

Wave 1 Wave 2 LFS Wave 1 Wave 2 LFS
Age <= 30 0.266 0.190 0.266 0.471 0.383 0.393
30 < Age <= 45(a) 0.323 0.340 0.378 0.312 0.329 0.327
Age > 45(a) 0.411 0.471 0.356 0.217 0.287 0.280
Female(a) 0.620 0.585 0.479 0.689 0.682 0.635
University degree 0.406 0.440 0.407 0.387 0.412 0.310
Married(a) 0.617 0.622 0.489 0.463 0.513 0.413
Region
London & South East 0.337 0.317 0.337 0.359 0.348 0.350
Rest of South & Midlands 0.398 0.401 0.398 0.377 0.388 0.375
North 0.265 0.282 0.265 0.264 0.264 0.274

Observations 3000 1961 1173 595

Notes: Columns 1-2 and 4-5 shows the demographic characteristics of our sample, sep-
arately by survey wave and by employment status. Columns 2 and 6 show the corre-
sponding weighted figures from the third quarter of the 2020 Labour Force Survey. (a)

These variables were not targeted in our quota-based sampling strategy.

Table A.2: Descriptive characteristics of the sample

Wave 1 Wave 2
Age 38.965 41.458
Female 0.635 0.605
Has children 0.362 0.356
2020 income in £ 23889.73 24880.71
Employment status in April
Employed 0.531 0.540
Self-employed 0.083 0.084
Furloughed 0.103 0.087
Not in work 0.283 0.288

Observations 3955 2437

Notes: The table shows the background
characteristics of our analysis sample,
separately by survey wave.
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Table A.3: Risk of Covid and WFH as reasons for job search

Risk of Covid Want more WFH

(1) (2) (3) (4) (5) (6)

Age -0.0009 -0.0008 -0.0009 -0.0007 -0.0004 0.0001
(0.0006) (0.0006) (0.0007) (0.0009) (0.0010) (0.0010)

Female -0.0023 0.0013 -0.0103 0.0243 0.0368 0.0528∗∗

(0.0145) (0.0156) (0.0155) (0.0233) (0.0248) (0.0256)

Has children 0.0490∗∗∗ 0.0448∗∗∗ 0.0405∗∗ 0.0320 0.0202 0.0288
(0.0158) (0.0162) (0.0160) (0.0232) (0.0233) (0.0242)

University degree -0.0200 -0.0210 -0.0276∗ 0.0630∗∗∗ 0.0558∗∗ 0.0352
(0.0135) (0.0131) (0.0167) (0.0230) (0.0234) (0.0268)

Furloughed 0.0188 0.0150 0.0149 -0.0044 -0.0030 0.0216
(0.0187) (0.0186) (0.0204) (0.0270) (0.0275) (0.0298)

Patience 0.0097 0.0087 0.0035 0.0042
(0.0071) (0.0070) (0.0119) (0.0125)

Willingness to take risks 0.0118 0.0100 0.0104 0.0073
(0.0081) (0.0083) (0.0129) (0.0134)

Conscientious 0.0074 0.0088 -0.0027 -0.0026
(0.0085) (0.0084) (0.0138) (0.0144)

Agreeable -0.0027 -0.0005 0.0144 0.0153
(0.0080) (0.0080) (0.0123) (0.0124)

Neurotic -0.0038 -0.0063 -0.0247∗ -0.0210
(0.0104) (0.0106) (0.0148) (0.0149)

Open -0.0006 -0.0004 0.0117 0.0152
(0.0073) (0.0079) (0.0135) (0.0140)

Extraverted 0.0006 -0.0007 -0.0120 -0.0078
(0.0073) (0.0075) (0.0130) (0.0130)

Locus of control -0.0117 -0.0118 -0.0238∗ -0.0198
(0.0081) (0.0084) (0.0126) (0.0130)

Confidence in own’s abilities -0.0065 -0.0058 -0.0067 -0.0122
(0.0105) (0.0109) (0.0156) (0.0162)

Tasks from home -0.0394∗ 0.0986∗∗∗

(0.0216) (0.0350)

Constant 0.1265∗∗ 0.1190∗∗ 0.0938 0.0826 0.0699 -0.0951
(0.0529) (0.0543) (0.0761) (0.0664) (0.0684) (0.1131)

Observations 1046 1042 1039 1046 1042 1039
R2 0.0232 0.0301 0.0792 0.0168 0.0251 0.0708
Region FE yes yes yes yes yes yes
Occ. & industry FE no no yes no no yes

Notes: OLS regressions. Robust standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes
respondents to first survey wave who are in work and who are either searching or a job or planning to search within the
next year. The dependent variables take value one if the respondent indicates the risk of contracting Covid or wanting
to work from home more as the main reason to look for a job or being planning to search, and zero otherwise. Region
fixed effects refer to regions in England.
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Table A.4: Perceived marginal returns to search with individual fixed effects by em-
ployment status

Now Later
Reservation 1.2 x Reservation Reservation 1.2 x Reservation

(1) (2) (3) (4)
In work

Hours of search 1.7642∗∗∗ 1.7501∗∗∗ 1.7005∗∗∗ 1.4487∗∗∗

(0.1315) (0.1168) (0.1156) (0.1094)

Observations 7276 7273 7265 7260
R2 0.2811 0.2875 0.3123 0.2849

Furloughed

Hours of search 2.2304∗∗∗ 1.9527∗∗∗ 2.2916∗∗∗ 2.1181∗∗∗

(0.3050) (0.2927) (0.2886) (0.2736)

Observations 1212 1215 1216 1216
R2 0.3276 0.3133 0.3272 0.3225

Out of work

Hours of search 2.1370∗∗∗ 1.9224∗∗∗ 2.1609∗∗∗ 1.8977∗∗∗

(0.1638) (0.1510) (0.1468) (0.1355)

Observations 3348 3349 3351 3346
R2 0.4141 0.4131 0.4516 0.4440

Individual FE Yes Yes Yes Yes
Controls Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01. The sample includes respondents to first survey wave. The dependent variable
is the perceived probability of receiving a job offer (0-100). The different columns refer
to the different hypothetical scenarios that vary in whether respondents are searching at
the time of data collection (columns 1 and 2) or in September 2021 (columns 3 and 4),
with the normal and high level of reservation wage respectively. In all columns, regressions
are performed using the responses to the three relevant hypothetical job search scenarios.
‘Hours of search’ takes values 5, 10 and 15, based on the relevant hypothetical scenario.
All regressions include individual fixed effects. The different panels refer to regressions run
separately on in-work respondents (top), respondents who are in partial or full furlough
(middle), and out-of-work respondents (bottom).
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Table A.5: Perceived marginal returns to search with individual fixed effects and inter-
actions

Now Later
Reservation 1.2 x Reservation Reservation 1.2 x Reservation

(1) (2) (3) (4) (5) (6) (7) (8)

Hours of search 1.4266∗∗∗ 2.0518∗∗∗ 1.3138∗∗∗ 1.9386∗∗∗ 1.3764∗∗∗ 2.0392∗∗∗ 1.2295∗∗∗ 1.7811∗∗∗

(0.0479) (0.1039) (0.0435) (0.0943) (0.0428) (0.0928) (0.0402) (0.0873)

Hours x 15 Hours -0.0107 -0.0107 -0.0192 -0.0193 -0.0164 -0.0165 -0.0099 -0.0098
(0.0277) (0.0272) (0.0251) (0.0247) (0.0247) (0.0243) (0.0232) (0.0229)

Age x Hours -0.0244∗∗∗ -0.0232∗∗∗ -0.0226∗∗∗ -0.0203∗∗∗

(0.0019) (0.0017) (0.0017) (0.0016)

Woman x Hours 0.2000∗∗∗ 0.1886∗∗∗ 0.0879∗∗ 0.1476∗∗∗

(0.0496) (0.0450) (0.0443) (0.0416)

Uni x Hours 0.0180 0.0071 -0.0664 -0.0527
(0.0481) (0.0436) (0.0429) (0.0403)

Optimistic x Hours 0.3323∗∗∗ 0.2730∗∗∗ 0.3276∗∗∗ 0.2873∗∗∗

(0.0479) (0.0434) (0.0428) (0.0402)

Constant 24.7143∗∗∗ 24.7166∗∗∗ 19.4911∗∗∗ 19.4895∗∗∗ 25.0703∗∗∗ 25.0695∗∗∗ 21.6543∗∗∗ 21.6571∗∗∗

(0.3790) (0.3729) (0.3436) (0.3379) (0.3384) (0.3328) (0.3181) (0.3131)

Observations 11836 11836 11837 11837 11832 11832 11822 11822
R2 0.3051 0.3276 0.3070 0.3303 0.3360 0.3582 0.3163 0.3381
Individual FE Yes Yes Yes Yes Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents to first
survey wave. The dependent variable is the perceived probability of receiving a job offer (0-100). Columns 1-2 and 3-4 refer to the
scenarios where the respondents are searching at the time of data collection, with the normal and high level of reservation wage respec-
tively. Columns 5-6 and 7-8 report equivalent regressions for the scenarios where respondents are only searching for a job in September
2021. In all columns, regressions are performed using the responses to the three relevant hypothetical job search scenarios. ‘Hours of
search’ takes values 5, 10 and 15, based on the relevant hypothetical scenario. ‘Hours x 15 hours’ indicates an interaction between
the ‘Hours of search’ variable and an indicator for the hypothetical scenario with highest search intensity (15 hours). All regressions
include individual fixed effects.
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Table A.6: Predictors of coefficients from individual regressions explaining perceived
probability of receiving an offer

Intercept Hours searched Later 1.2 x Reservation

(1) (2) (3) (4) (5) (6) (7) (8)

Age -0.2106∗∗∗ -0.2105∗∗∗ -0.0182∗∗∗ -0.0177∗∗∗ -0.0491∗∗∗ -0.0458∗∗∗ 0.0469∗∗∗ 0.0627∗∗∗

(0.0359) (0.0371) (0.0022) (0.0023) (0.0166) (0.0173) (0.0177) (0.0183)

Woman 2.2386∗∗ 1.9468∗∗ 0.0974∗ 0.0810 -0.4959 -0.3207 0.3134 0.0557
(0.8898) (0.9670) (0.0556) (0.0606) (0.4117) (0.4499) (0.4381) (0.4772)

Has children 2.4387∗∗∗ 2.3691∗∗∗ 0.0207 0.0324 -0.1865 -0.2048 0.7100∗ 0.8351∗∗

(0.8402) (0.8507) (0.0525) (0.0533) (0.3888) (0.3958) (0.4137) (0.4198)

University 2.2820∗∗∗ 2.6156∗∗∗ -0.0004 0.0262 0.0018 0.2512 -1.6889∗∗∗ -1.1598∗∗

(0.8234) (0.9146) (0.0515) (0.0573) (0.3810) (0.4255) (0.4054) (0.4514)

Furloughed 0.3850 0.7543 0.1380 0.1129 -0.3293 -0.3929 0.9705 0.6424
(1.3579) (1.4029) (0.0849) (0.0879) (0.6284) (0.6527) (0.6686) (0.6924)

No work 0.3508 -0.6426 0.2781∗∗∗ 0.2636∗∗∗ 1.2443∗∗∗ 1.1390∗∗ -0.7662 -1.5065∗∗∗

(0.9608) (1.0210) (0.0601) (0.0640) (0.4446) (0.4750) (0.4731) (0.5039)

Patience 0.7850∗ 0.5424 0.0071 0.0142 -0.2258 -0.2309 0.2052 0.3097
(0.4487) (0.4519) (0.0281) (0.0283) (0.2077) (0.2103) (0.2210) (0.2230)

Confidence 2.9648∗∗∗ 2.9583∗∗∗ -0.0733∗∗ -0.0584∗ -0.5052∗∗ -0.5300∗∗ 0.6027∗∗ 0.6478∗∗

(0.5237) (0.5288) (0.0327) (0.0331) (0.2423) (0.2460) (0.2579) (0.2610)

Risk 2.5353∗∗∗ 2.6771∗∗∗ 0.0830∗∗∗ 0.0828∗∗∗ 0.1607 0.1596 0.0410 0.0495
(0.4587) (0.4610) (0.0287) (0.0289) (0.2123) (0.2145) (0.2259) (0.2275)

Locus of control -0.6939 -0.6046 0.1433∗∗∗ 0.1440∗∗∗ 0.4348∗∗ 0.4561∗∗ -1.1620∗∗∗ -1.1259∗∗∗

(0.4625) (0.4654) (0.0289) (0.0292) (0.2140) (0.2165) (0.2277) (0.2297)

Conscientous -0.5408 -0.3258 0.0308 0.0237 0.0129 -0.0091 -0.7648∗∗∗ -0.7274∗∗∗

(0.4800) (0.4839) (0.0300) (0.0303) (0.2221) (0.2251) (0.2363) (0.2388)

Agreeable 0.1759 -0.0038 0.1159∗∗∗ 0.1171∗∗∗ 0.1440 0.2065 -0.2058 -0.2597
(0.4653) (0.4688) (0.0291) (0.0294) (0.2153) (0.2181) (0.2291) (0.2313)

Neurotic -0.4119 -0.4940 0.0660∗∗ 0.0669∗∗ -0.3444 -0.3576 -0.7155∗∗∗ -0.6911∗∗∗

(0.5290) (0.5329) (0.0331) (0.0334) (0.2448) (0.2479) (0.2605) (0.2630)

Open 0.4080 0.4093 0.0470∗ 0.0499∗ 0.2608 0.2321 0.2267 0.1049
(0.4535) (0.4643) (0.0283) (0.0291) (0.2098) (0.2160) (0.2233) (0.2291)

Extraverted 0.4298 0.5764 0.0387 0.0304 -0.1742 -0.1618 -0.2145 -0.2028
(0.4524) (0.4562) (0.0283) (0.0286) (0.2094) (0.2122) (0.2228) (0.2251)

Optimistic 1.3320 1.4046∗ 0.2315∗∗∗ 0.2419∗∗∗ 0.8010∗∗ 0.7852∗∗ -0.9466∗∗ -0.8515∗∗

(0.8239) (0.8282) (0.0515) (0.0519) (0.3812) (0.3853) (0.4057) (0.4087)

Log reservation wage -3.4688∗∗∗ 0.0110 -0.1272 -1.1499∗∗∗

(0.7018) (0.0440) (0.3265) (0.3464)

Constant 29.3503∗∗∗ 41.0307∗∗∗ 1.7259∗∗∗ 2.2149∗∗∗ 2.0975∗∗ 4.8569 -6.5745∗∗∗ 2.6471
(1.8547) (8.2877) (0.1159) (0.5192) (0.8582) (3.8559) (0.9132) (4.0902)

Observations 3938 3929 3938 3929 3938 3929 3938 3929
R2 0.0579 0.0789 0.0725 0.0895 0.0126 0.0240 0.0257 0.0435
Region FE No Yes No Yes No Yes No Yes
Occ. & industry FE No Yes No Yes No Yes No Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents to first
survey wave. The dependent variables are coefficients from individual-level regressions. In these individual level regressions, the de-
pendent variable was the perceived job finding probability from the hypothetical scenarios, and the explanatory variables where search
effort and binary indicators for searching later and the higher level of target wage. Columns 1 and 2 have the constant from individual-
level regressions as dependent variable, whereas successive pairs of columns use as dependent variable the coefficients on search effort,
the binary indicator for searching in September 2021 and the binary indicator for the high level of wage.
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Table A.7: Predictors of perceived probability of receiving an offer with individual fixed
effects and interactions between levels of search and individual characteristics

(1) (2) (3) (4) (5) (6) (7) (8)

10 Hours of search 7.1331∗∗∗ 9.5816∗∗∗ 6.5691∗∗∗ 10.1693∗∗∗ 6.8821∗∗∗ 9.8587∗∗∗ 6.1474∗∗∗ 8.3248∗∗∗

(0.2397) (0.9555) (0.2173) (0.8665) (0.2140) (0.8533) (0.2012) (0.8029)

15 Hours of search 14.1052∗∗∗ 20.3574∗∗∗ 12.8501∗∗∗ 19.0956∗∗∗ 13.5185∗∗∗ 20.1442∗∗∗ 12.1461∗∗∗ 17.6635∗∗∗

(0.2397) (0.9560) (0.2175) (0.8671) (0.2140) (0.8533) (0.2012) (0.8029)

Age x 10 Hours -0.1216∗∗∗ -0.1280∗∗∗ -0.1168∗∗∗ -0.0969∗∗∗

(0.0189) (0.0171) (0.0169) (0.0159)

Age x 15 Hours -0.2444∗∗∗ -0.2324∗∗∗ -0.2263∗∗∗ -0.2030∗∗∗

(0.0189) (0.0171) (0.0169) (0.0159)

Woman x 10 Hours 1.4508∗∗∗ 0.7107 1.0013∗∗ 1.0529∗∗

(0.4959) (0.4495) (0.4428) (0.4164)

Woman x 15 Hours 1.9996∗∗∗ 1.8859∗∗∗ 0.8790∗∗ 1.4764∗∗∗

(0.4962) (0.4499) (0.4429) (0.4164)

Uni x 10 Hours 0.5723 0.2358 -0.2814 0.0557
(0.4804) (0.4355) (0.4288) (0.4034)

Uni x 15 Hours 0.1798 0.0712 -0.6639 -0.5272
(0.4806) (0.4358) (0.4288) (0.4035)

Optimistic x 10 Hours 1.9562∗∗∗ 1.4540∗∗∗ 1.8143∗∗∗ 1.5577∗∗∗

(0.4790) (0.4342) (0.4276) (0.4023)

Optimistic x 15 Hours 3.3230∗∗∗ 2.7298∗∗∗ 3.2759∗∗∗ 2.8730∗∗∗

(0.4792) (0.4345) (0.4276) (0.4024)

Constant 31.8474∗∗∗ 31.8483∗∗∗ 26.0602∗∗∗ 26.0596∗∗∗ 31.9524∗∗∗ 31.9520∗∗∗ 27.8016∗∗∗ 27.8030∗∗∗

(0.1695) (0.1668) (0.1536) (0.1511) (0.1513) (0.1488) (0.1423) (0.1400)

Observations 11836 11836 11837 11837 11832 11832 11822 11822
R2 0.3051 0.3278 0.3070 0.3304 0.3360 0.3584 0.3163 0.3383
Individual FE Yes Yes Yes Yes Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents to first
survey wave. The dependent variable is the perceived probability of receiving a job offer (0-100). Columns 1-2 and 3-4 refer to the sce-
narios where the respondents are searching at the time of data collection, with the normal and high level of reservation wage respectively.
Columns 5-6 and 7-8 report equivalent regressions for the scenarios where respondents are only searching for a job in September 2021. In
all columns, regressions are performed using the responses to the three relevant hypothetical job search scenarios. ‘10 Hours of search’
is a dummy indicating 10 hours of search and and ‘15 Hours of search’ is a dummy indicating 15 hours of search based on the relevant
hypothetical scenario. The baseline search intensity is 5 hours. All regressions include individual fixed effects.
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Table A.8: Explaining average perceived probability of receiving an offer with past
beliefs and offers

(1) (2)

Average perceived probability in April 0.4501∗∗∗ 0.4547∗∗∗

(0.0195) (0.0195)

Received offer since April 8.1078∗∗∗

(1.3664)

Total job offers since April 2021 2.7815∗∗∗

(0.5467)

Constant 19.2470∗∗∗ 19.6473∗∗∗

(0.9203) (0.9174)

Observations 2411 2411
R2 0.2146 0.2116
Month FE Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1,
** p< 0.05, *** p< 0.01. The sample includes respondents to second
survey wave. The dependent variable is the average perceived proba-
bility of receiving a job offer, averaged over the six hypothetical sce-
narios (0-100). ‘Average perceived probability in April’ is calculated
in a similar way from responses to the first survey wave. ‘Received
offer since April’ takes value one if the respondent reports having re-
ceived at least one job offer since April 2021. ‘Total job offers since
April 2021’ is the total number of job offers received between April
2021 and the time of the second data collection. Month fixed effects
refer to month of interview for the second survey.
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B Weighted results
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Table B.1: Predictors of average perceived probability of receiving an offer - Weighted
results

(1) (2) (3) (4) (5)

Age -0.4387∗∗∗ -0.3926∗∗∗ -0.4013∗∗∗ -0.3711∗∗∗ -0.3812∗∗∗

(0.0311) (0.0337) (0.0346) (0.0338) (0.0347)

Female 1.3924∗ 3.0298∗∗∗ 3.2515∗∗∗ 2.0501∗∗ 2.4633∗∗∗

(0.8007) (0.8098) (0.8709) (0.8284) (0.8740)

Has children 3.9065∗∗∗ 3.0857∗∗∗ 3.0474∗∗∗ 3.2239∗∗∗ 3.1699∗∗∗

(0.7799) (0.7638) (0.7709) (0.7600) (0.7677)

University degree 1.5380∗∗ 1.2094 1.4057∗ 2.5595∗∗∗ 2.6146∗∗∗

(0.7672) (0.7476) (0.7992) (0.7881) (0.8261)

Furloughed 2.5774∗∗ 2.4248∗∗ 2.5553∗∗ 1.9499∗ 2.2794∗

(1.2456) (1.1772) (1.2225) (1.1820) (1.2210)

No work 4.2805∗∗∗ 3.8801∗∗∗ 3.8074∗∗∗ 2.3006∗∗ 2.2272∗∗

(0.8860) (0.8720) (0.8903) (0.9129) (0.9225)

Patience 0.7595∗ 0.7324∗ 0.6919∗ 0.6705
(0.4189) (0.4246) (0.4168) (0.4217)

Willingness to take risks 3.5931∗∗∗ 3.6433∗∗∗ 3.7118∗∗∗ 3.7456∗∗∗

(0.4384) (0.4429) (0.4376) (0.4415)

Conscientious -0.4902 -0.4404 -0.3815 -0.3290
(0.4472) (0.4524) (0.4483) (0.4532)

Agreeable 1.3797∗∗∗ 1.3035∗∗∗ 1.2653∗∗∗ 1.2039∗∗∗

(0.4388) (0.4427) (0.4395) (0.4419)

Neurotic -0.0612 -0.0676 -0.1944 -0.1741
(0.5002) (0.5043) (0.4978) (0.5010)

Open 0.8820∗∗ 1.0060∗∗ 0.7514∗ 0.8959∗∗

(0.4187) (0.4277) (0.4173) (0.4255)

Extraverted 0.7339∗ 0.6966∗ 0.7801∗ 0.8018∗

(0.4176) (0.4220) (0.4145) (0.4195)

Locus of control 0.6846 0.7535∗ 0.7399∗ 0.7912∗

(0.4371) (0.4390) (0.4373) (0.4377)

Confidence in own’s abilities 2.3127∗∗∗ 2.3534∗∗∗ 2.4424∗∗∗ 2.4313∗∗∗

(0.4780) (0.4784) (0.4760) (0.4766)

Log Reservation wage -3.5487∗∗∗ -4.0714∗∗∗

(0.6293) (0.6696)

Constant 47.7586∗∗∗ 45.7130∗∗∗ 37.8968∗∗∗ 71.1838∗∗∗ 68.9558∗∗∗

(2.3240) (2.3786) (5.9429) (5.0347) (7.7275)

Observations 3914 3900 3892 3900 3892
R2 0.0839 0.1448 0.1565 0.1527 0.1657
Region FE Yes Yes Yes Yes Yes
Occ. & industry FE No No Yes No Yes

Notes: OLS regressions. Robust standard errors in parentheses. Observations are weighted to match
the joint population distribution of age, educational attainment and broad region of residence in Eng-
land, separately for in-work and out-of-work respondents. * p< 0.1, ** p< 0.05, *** p< 0.01. The
sample includes respondents to first survey wave. The dependent variable is the perceived probabil-
ity of receiving a job offer averaged across the twelve hypothetical scenarios, on a 0-100 scale. Region
fixed effects refer to regions in England.
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Table B.2: Predictors of perceived probability of receiving an offer with individual fixed
effects - Weighted results

Now Later
Reservation 1.2 x Reservation Reservation 1.2 x Reservation

(1) (2) (3) (4) (5) (6) (7) (8)

Hours of search 1.4006∗∗∗ 2.0064∗∗∗ 1.2723∗∗∗ 1.8864∗∗∗ 1.3434∗∗∗ 1.9896∗∗∗ 1.2052∗∗∗ 1.7438∗∗∗

(0.0321) (0.1371) (0.0291) (0.1251) (0.0285) (0.1247) (0.0270) (0.1189)

Age x Hours -0.0235∗∗∗ -0.0224∗∗∗ -0.0217∗∗∗ -0.0195∗∗∗

(0.0025) (0.0023) (0.0023) (0.0022)

Woman x Hours 0.2118∗∗∗ 0.1950∗∗∗ 0.0994∗ 0.1571∗∗∗

(0.0667) (0.0600) (0.0602) (0.0570)

Uni x Hours -0.0048 -0.0157 -0.0893 -0.0753
(0.0628) (0.0575) (0.0561) (0.0532)

Optimistic x Hours 0.3282∗∗∗ 0.2633∗∗∗ 0.3143∗∗∗ 0.2762∗∗∗

(0.0641) (0.0582) (0.0573) (0.0538)

Constant 24.7334∗∗∗ 24.7354∗∗∗ 19.6457∗∗∗ 19.6451∗∗∗ 25.1254∗∗∗ 25.1256∗∗∗ 21.6954∗∗∗ 21.6972∗∗∗

(0.3209) (0.3157) (0.2912) (0.2865) (0.2846) (0.2800) (0.2701) (0.2660)

Observations 11836 11836 11837 11837 11832 11832 11822 11822
R2 0.3017 0.3227 0.3016 0.3232 0.3340 0.3545 0.3129 0.3332
Individual FE Yes Yes Yes Yes Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. Weights are constructed to match the joint
population distribution of age, educational attainment and broad region of residence in England, separately for in-work and out-of-work
respondents. The sample includes respondents to first survey wave. The dependent variable is the perceived probability of receiving a
job offer (0-100). Columns 1-2 and 3-4 refer to the scenarios where the respondents are searching at the time of data collection, with
the normal and high level of reservation wage respectively. Columns 5-6 and 7-8 report equivalent regressions for the scenarios where
respondents are only searching for a job in September 2021. In all columns, regressions are performed using the responses to the three
relevant hypothetical job search scenarios. ‘Hours of search’ takes values 5, 10 and 15, based on the relevant hypothetical scenario. All
regressions include individual fixed effects.
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Table B.3: Predictors of coefficients from individual regressions explaining perceived
probability of receiving an offer - Weighted results

Intercept Hours searched Later 1.2 x Reservation
(1) (2) (3) (4) (5) (6) (7) (8)

Age -0.2088∗∗∗ -0.2081∗∗∗ -0.0179∗∗∗ -0.0175∗∗∗ -0.0483∗∗∗ -0.0452∗∗∗ 0.0479∗∗∗ 0.0640∗∗∗

(0.0369) (0.0379) (0.0023) (0.0023) (0.0164) (0.0170) (0.0173) (0.0178)

Woman 2.1382∗∗ 1.7847∗ 0.1010∗ 0.0857 -0.4207 -0.1703 0.2964 0.0408
(0.8900) (0.9727) (0.0572) (0.0620) (0.4023) (0.4434) (0.4274) (0.4575)

Has children 2.3542∗∗∗ 2.3037∗∗∗ 0.0282 0.0376 -0.1374 -0.1677 0.7532∗ 0.8682∗∗

(0.8651) (0.8717) (0.0555) (0.0566) (0.3896) (0.3981) (0.4215) (0.4264)

University 2.3642∗∗∗ 2.8072∗∗∗ -0.0007 0.0246 -0.0187 0.2185 -1.7483∗∗∗ -1.2423∗∗∗

(0.8330) (0.9286) (0.0511) (0.0575) (0.3768) (0.4293) (0.4093) (0.4430)

Furloughed 0.4007 0.7714 0.1413 0.1140 -0.3563 -0.4280 0.9639 0.6167
(1.3461) (1.3799) (0.0890) (0.0927) (0.6309) (0.6653) (0.7557) (0.7673)

No work 0.6926 -0.3590 0.2801∗∗∗ 0.2639∗∗∗ 1.3072∗∗∗ 1.2364∗∗ -0.8413∗ -1.5477∗∗∗

(0.9735) (1.0486) (0.0628) (0.0674) (0.4726) (0.5076) (0.4531) (0.4776)

Patience 0.8642∗ 0.6312 0.0028 0.0088 -0.2500 -0.2509 0.1810 0.2930
(0.4615) (0.4643) (0.0288) (0.0290) (0.2098) (0.2126) (0.2354) (0.2356)

Confidence 2.9037∗∗∗ 2.9276∗∗∗ -0.0755∗∗ -0.0598∗ -0.5398∗∗ -0.5712∗∗ 0.6453∗∗ 0.6877∗∗

(0.5230) (0.5260) (0.0342) (0.0345) (0.2421) (0.2472) (0.2642) (0.2679)

Risk 2.5582∗∗∗ 2.7051∗∗∗ 0.0819∗∗∗ 0.0818∗∗∗ 0.2422 0.2373 0.0071 0.0141
(0.4787) (0.4769) (0.0293) (0.0295) (0.2134) (0.2157) (0.2293) (0.2298)

Locus of control -0.7058 -0.6212 0.1489∗∗∗ 0.1499∗∗∗ 0.3757∗ 0.3941∗ -1.1466∗∗∗ -1.1124∗∗∗

(0.4928) (0.4962) (0.0304) (0.0308) (0.2112) (0.2121) (0.2395) (0.2439)

Conscientous -0.5169 -0.2787 0.0359 0.0275 0.0742 0.0537 -0.7845∗∗∗ -0.7438∗∗∗

(0.4726) (0.4769) (0.0305) (0.0307) (0.2151) (0.2178) (0.2374) (0.2373)

Agreeable 0.0816 -0.0998 0.1168∗∗∗ 0.1187∗∗∗ 0.1607 0.2320 -0.2144 -0.2679
(0.4833) (0.4865) (0.0297) (0.0301) (0.2200) (0.2184) (0.2495) (0.2480)

Neurotic -0.4674 -0.5496 0.0706∗∗ 0.0704∗∗ -0.3165 -0.3204 -0.6701∗∗ -0.6400∗∗

(0.5573) (0.5560) (0.0357) (0.0354) (0.2542) (0.2558) (0.2624) (0.2648)

Open 0.3513 0.3421 0.0428 0.0461 0.2629 0.2297 0.2343 0.1277
(0.4586) (0.4717) (0.0283) (0.0291) (0.2114) (0.2180) (0.2243) (0.2318)

Extraverted 0.5521 0.6984 0.0374 0.0277 -0.1755 -0.1678 -0.2195 -0.2129
(0.4658) (0.4721) (0.0286) (0.0290) (0.2062) (0.2110) (0.2484) (0.2520)

Optimistic 1.4748∗ 1.5525∗ 0.2208∗∗∗ 0.2307∗∗∗ 0.8947∗∗ 0.8829∗∗ -0.8920∗∗ -0.7989∗∗

(0.8284) (0.8377) (0.0533) (0.0538) (0.3792) (0.3773) (0.3978) (0.3993)

Log reservation wage -3.6594∗∗∗ 0.0096 0.0013 -1.0849∗∗∗

(0.7508) (0.0439) (0.3583) (0.3765)

Constant 29.2408∗∗∗ 41.4872∗∗∗ 1.7158∗∗∗ 2.2188∗∗∗ 1.9683∗∗ 3.8908 -6.6225∗∗∗ 2.2237
(1.9484) (7.9480) (0.1240) (0.4899) (0.8287) (3.6750) (0.9193) (3.9918)

Observations 3938 3929 3938 3929 3938 3929 3938 3929
R2 0.0585 0.0806 0.0695 0.0864 0.0131 0.0248 0.0257 0.0434
Region FE No Yes No Yes No Yes No Yes
Occ. & industry FE No Yes No Yes No Yes No Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents to first
survey wave. The dependent variables are coefficients from individual-level regressions. In these individual level regressions, the de-
pendent variable was the perceived job finding probability from the hypothetical scenarios, and the explanatory variables where search
effort and binary indicators for searching later and the higher level of target wage. Columns 1 and 2 have the constant from individual-
level regressions as dependent variable, whereas successive pairs of columns use as dependent variable the coefficients on search effort,
the binary indicator for searching in September 2021 and the binary indicator for the high level of wage. Weights are constructed
to match the joint population distribution of age, educational attainment and broad region in England, separately for in-work and
out-of-work respondents.
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Table B.4: Predictors of search behavior - Weighted results

(1) (2) (3) (4) (5)

Perceived job finding probability 0.0042∗∗∗ 0.0034∗∗∗ 0.0032∗∗∗ 0.0030∗∗∗ 0.0029∗∗∗

(0.0003) (0.0003) (0.0003) (0.0003) (0.0003)

Employed - On partial furlough 0.2121∗∗∗ 0.1896∗∗∗ 0.1737∗∗∗ 0.1648∗∗∗ 0.1654∗∗∗

(0.0368) (0.0365) (0.0361) (0.0352) (0.0357)

Employed - On full furlough 0.1559∗∗∗ 0.1420∗∗∗ 0.1253∗∗∗ 0.1072∗∗∗ 0.1145∗∗∗

(0.0344) (0.0337) (0.0340) (0.0331) (0.0343)

Self-employed 0.0118 0.0235 0.0019 -0.0045 0.0168
(0.0280) (0.0273) (0.0270) (0.0270) (0.0286)

Not in work 0.4538∗∗∗ 0.4296∗∗∗ 0.3843∗∗∗ 0.3759∗∗∗ 0.3723∗∗∗

(0.0162) (0.0166) (0.0180) (0.0181) (0.0183)

Age -0.0070∗∗∗ -0.0064∗∗∗ -0.0051∗∗∗ -0.0051∗∗∗

(0.0006) (0.0006) (0.0006) (0.0007)

Female -0.0538∗∗∗ -0.0797∗∗∗ -0.0617∗∗∗ -0.0556∗∗∗

(0.0146) (0.0150) (0.0157) (0.0166)

Has children -0.0129 -0.0086 -0.0138 -0.0143
(0.0150) (0.0149) (0.0149) (0.0151)

University degree 0.0551∗∗∗ 0.0815∗∗∗ 0.0754∗∗∗ 0.0823∗∗∗

(0.0144) (0.0152) (0.0151) (0.0158)

Log reservation wage -0.0902∗∗∗ -0.0873∗∗∗ -0.0886∗∗∗

(0.0120) (0.0118) (0.0124)

Patience -0.0050 -0.0041
(0.0078) (0.0078)

Willingness to take risks 0.0483∗∗∗ 0.0485∗∗∗

(0.0080) (0.0079)

Conscientious 0.0032 0.0043
(0.0082) (0.0082)

Agreeable -0.0009 -0.0018
(0.0079) (0.0079)

Neurotic -0.0085 -0.0094
(0.0091) (0.0091)

Open 0.0185∗∗ 0.0197∗∗

(0.0079) (0.0080)

Extraverted 0.0055 0.0069
(0.0078) (0.0078)

Confidence in own’s abilities -0.0152∗ -0.0164∗

(0.0091) (0.0092)

Locus of control -0.0559∗∗∗ -0.0552∗∗∗

(0.0080) (0.0080)

Optimistic -0.0118 -0.0139
(0.0143) (0.0144)

Constant 0.1989∗∗∗ 0.5317∗∗∗ 1.1572∗∗∗ 1.0908∗∗∗ 0.8788∗∗∗

(0.0133) (0.0340) (0.0968) (0.0964) (0.1382)

Observations 3914 3914 3914 3900 3892
R2 0.2210 0.2525 0.2668 0.2898 0.3019
Region FE No No Yes Yes Yes
Occ. & industry FE No No No No Yes

Notes: OLS regressions. Standard errors in parentheses. Weights are constructed to match the joint
population distribution of age, educational attainment and broad regions in England, separately for in-
work and out-of-work respondents. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes respondents
to first survey wave. The dependent variable is a binary indicator for whether the respondent is either
actively searching for a job in April 2021 or plans to start searching for a job within the following year.
Region fixed effects refer to regions in England.
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Table B.5: Predictors of outcome of job search - Weighted results

Received an offer Number of offers received

(1) (2) (3) (4)

Perceived job finding probability 0.0026∗∗∗ 0.0016∗∗∗ 0.0067∗∗∗ 0.0041∗∗∗

(0.0003) (0.0004) (0.0012) (0.0010)

Hours per week dedicated to job search since April 2021 0.0173∗∗∗ 0.0160∗∗∗ 0.0410∗∗∗ 0.0357∗∗∗

(0.0020) (0.0020) (0.0087) (0.0073)

Log reservation wage -0.0275∗∗ -0.0420∗∗∗ 0.0116 -0.0023
(0.0119) (0.0139) (0.0354) (0.0349)

Age -0.0049∗∗∗ -0.0131∗∗∗

(0.0008) (0.0032)

Female -0.0214 -0.0363
(0.0189) (0.0812)

Has children 0.0142 0.0883∗

(0.0165) (0.0520)

University degree 0.0329∗ -0.0213
(0.0178) (0.0672)

Patience 0.0130 0.0776∗∗∗

(0.0093) (0.0276)

Willingness to take risks 0.0119 -0.0261
(0.0089) (0.0410)

Conscientious 0.0014 -0.0275
(0.0094) (0.0274)

Agreeable -0.0073 -0.0717∗

(0.0090) (0.0379)

Neurotic 0.0143 0.0554∗

(0.0105) (0.0297)

Open 0.0035 0.0444∗

(0.0086) (0.0247)

Extraverted 0.0127 0.0320
(0.0083) (0.0353)

Confidence in own’s abilities 0.0188∗ 0.1022∗∗∗

(0.0107) (0.0370)

Locus of control -0.0163∗ -0.0732
(0.0099) (0.0449)

Optimistic 0.0260 0.0363
(0.0159) (0.0447)

Employed - On partial furlough 0.0345 0.5807
(0.0636) (0.5332)

Employed - On full furlough -0.0406 0.0568
(0.0536) (0.1698)

Self-employed -0.0483∗ -0.0760
(0.0283) (0.0606)

Not in work -0.1093∗∗∗ -0.1930∗∗∗

(0.0205) (0.0496)

Constant 0.2380∗∗∗ 0.5983∗∗∗ -0.1047 0.8215∗∗

(0.0915) (0.1630) (0.2716) (0.3619)

Observations 2415 2403 2415 2403
R2 0.0988 0.1775 0.0702 0.1621
Region FE No Yes No Yes
Occ. & industry FE No Yes No Yes
Month FE Yes Yes Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01. The sample includes
respondents to first survey wave. The dependent variable in Columns (1) and (2) is a binary indicator for whether
the respondent received a job offer between April 2021 and the second survey wave. The dependent variable in
Columns (3) and (4) is the number of offers received since April 2021. Region fixed effects refer to regions in England.
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Table B.6: Explaining average perceived probability of receiving an offer with past
beliefs and offers - Weighted results

(1) (2)

Average perceived probability in April 0.4483∗∗∗ 0.4539∗∗∗

(0.0227) (0.0227)

Received offer since April 8.0426∗∗∗

(1.4377)

Total job offers since April 2021 2.4241∗∗∗

(0.6169)

Constant 19.9036∗∗∗ 20.3178∗∗∗

(0.9956) (0.9950)

Observations 2411 2411
R2 0.2155 0.2120
Month FE Yes Yes

Notes: OLS regressions. Standard errors in parentheses. * p< 0.1,
** p< 0.05, *** p< 0.01. Weights are constructed to match the joint
population distribution of age, educational attainment and broad re-
gions in England, separately for in-work and out-of-work respondents.
The sample includes respondents to second survey wave. The depen-
dent variable is the average perceived probability of receiving a job
offer, averaged over the six hypothetical scenarios (0-100). ‘Average
perceived probability in April’ is calculated in a similar way from re-
sponses to the first survey wave. ‘Received offer since April’ takes
value one if the respondent reports having received at least one job
offer since April 2021. ‘Total job offers since April 2021’ is the total
number of job offers received between April 2021 and the time of the
second data collection. Month fixed effects refer to month of interview
for the second survey.
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C Questionnaire

C.1 Baseline survey

Background characteristics
Age [Dropdown menu, from “Below 18” to “Above 60”, in one year increments]

Gender [Male, Female, Other / Prefer not to say]

Highest level of education [No qualifications, Fewer than 5 GCSE/O-Levels, 5 or
more GCSE/O-levels, Trade/technical/vocational training, A-levels, Bachelor’s degree,
Master’s degree, Doctoral or professional degree]

How many children under the age of 18 do you have living in your household? [Drop-
down menu, from 0 to “5 or more”]

Which region do you live in? [North East, North West, Yorkshire and the Humber,
West Midlands, East Midlands, South West, South East, East of England, Greater
London]

Are you now married or cohabiting, widowed, divorced, separated or never married?
[Married or cohabiting, Widowed, Divorced, Separated, Never married and not cohab-
iting, Other]

Employment status
Please select the option that best describes your work situation last week. Please think
of any work you had other than completing surveys. If you were working multiple jobs
last week, please only consider your main job. [Employed - not on furlough, Employed
- on partial furlough, Employed - on full furlough, Self-employed, Not in work]

Expectations
Please think about the economic situation in the UK. How do you think the economy
will be doing in September 2021 compared to this month? [The economy will be doing
better in September than it is today, The economy will be doing about the same in
September as it is today, The economy will be doing worse in September than it is today]
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Search behavior
Which of the following statements best represents your current job search situation? [I
am actively searching for a new job, I am currently not searching for a new job but I
am planning to actively start searching for a new job within the next year, I am not
planning to actively start searching for a new job within the next year]

[If actively looking or planning to look for a new job and in work] Why are you
looking / planning to look for another job? Please select up to three reasons among the
ones below. [Present job may come to an end, Present job is to fill in time before finding
another job, Pay unsatisfactory in present job, Risk of getting infected with COVID is
too high in present job, Journey to work unsatisfactory in present job, I want to work
longer hours than in present job, I want to work shorter hours than in present job,
Other aspects of present job are unsatisfactory, I want to change occupation, I want to
change sector, I want to work more from home, I want to work less from home, Other
reasons]

[If actively looking or planning to look for a new job] Are you looking for a job
that is similar to your current/most recent job or are you also looking in other occu-
pations? [Would only search for work similar to my current/most recent job, Would
search across a range of jobs, including those similar to my current/most recent job,
Would only search for jobs in a different occupation]

[If actively searching] How many hours per week do you dedicate to your job search?
[Dropdown menu from 1 to 21 hours per week in one hour increments]

Reservation wage
Imagine you were offered a new job next month. What is the lowest monthly salary
(before taxes) you would be willing to accept? Example: If the lowest monthly salary
you would accept is £1,234, then enter: 1234 (i.e. do not include the £Â£ sign or
other punctuation).

Hypothetical scenarios
Imagine that over the next month you actively searched for jobs that paid a monthly
salary (before taxes) of about £[Reservation wage]. How likely is it that you would
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be offered a job that paid around £[Reservation wage] within the next month if you
spent...[sliders 0-100]

• 5 hours per week searching

• 10 hours per week searching

• 15 hours per week searching

Now imagine that over the next month you actively searched for jobs that paid a
higher monthly salary (before taxes) of about £[Reservation wage x 1.2]. How likely is
it that you would be offered a job that paid around £[Reservation wage x 1.2] within
the next month if you spent...[sliders 0-100]

• 5 hours per week searching

• 10 hours per week searching

• 15 hours per week searching

We are interested in how people think about their chances of finding a job in the
future, and whether it will be easier or harder than it is now. Imagine it is 1st Septem-
ber 2021 and nothing about your current work situation has changed.

Imagine that over the month of September 2021 you actively searched for jobs that
paid a monthly salary (before taxes) of about £[Reservation wage]. How likely is it
that you would be offered a job that paid around £[Reservation wage] in September
2021 if you spent...[sliders 0-100]

• 5 hours per week searching in September

• 10 hours per week searching in September

• 15 hours per week searching in September

Now imagine that over the month of September 2021 you actively search for jobs
that paid a higher monthly salary (before taxes) of about £[Reservation wage x 1.2].
How likely is it that you would be offered a job that paid around £[Reservation wage
x 1.2] in September 2021 if you spent...[sliders 0-100]

• 5 hours per week searching in September
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• 10 hours per week searching in September

• 15 hours per week searching in September

Job characteristics // What sort of occupation best describes this job? [Drop-
down menu with O*NET occupation categories]

What category best describes the industry of this job? [Dropdown menu with in-
dustry categories]

In your main / last job, are you an employee or self-employed? [Employee, Self-
employed]

[If employee] Do you have / did you have a permanent contract? [Yes, No]

In your main / last job, what percentage of the tasks can / could you do from home?
[Slider 0-100]

Preferences and personality
In general, how willing or unwilling are you to take risks? [Answer options from 0
“Completely unwilling” to 10 “Very willing”]

Are you generally an impatient person or someone who always shows great patience?
[Answer options from 0 “Very impatient” to 10 “Very patient”]

On a scale from 1 to 7, where 1 means ’Do note agree at all’ and 7 means ’Completely
agree’, to what extent do you agree with the following statement: I have confidence in
my own abilities.

The following statements characterise different attitudes towards life and the future.
On a scale from 1 to 7, where 1 means ’Do note agree at all’ and 7 means ’Completely
agree’, to what extent do you personally agree with these statements?

• How my life goes depends on me

• Compared to others, I have not achieved what I deserve
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• What one achieves in life is, above all, a question of fate or luck

• If a person is socially or politically active, he/she can have an effect on social
conditions

• I often experience that others have a controlling influence over my life

• One has to work hard in order to succeed

• If I run up against difficulties in life, I often doubt my abilities

• The opportunities I have in life are determined by social circumstances

• Inborn abilities are more important than any efforts one can make

• I have little control over things that happen in my life

For each of the statement below statement, please indicate the extent to which it
applies to you. I see myself as someone who...[Answer options from 1 “Does not apply
at all” to 7 ’“Applies fully”]

• Does a thorough job

• Is communicative, talkative

• Is sometimes rude to others

• Is original, comes up with new ideas

• Worries a lot

• Has a forgiving nature

• Tends to be lazy

• Is outgoing, sociable

• Values artistic, aesthetic experiences

• Gets nervous easily

• Does things efficiently

• Is reserved
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• Is considerate and kind to almost everyone

• Has an active imagination

• Is relaxed, handles stress well

C.2 Follow-up survey

Employment status
Please select the option that best describes your work situation last week. Please think
of any work you had other than completing surveys. If you were working multiple jobs
last week, please only consider your main job. [Employed - not on furlough, Employed
- on partial furlough, Employed - on full furlough, Self-employed, Not in work]

[If in paid work] Think about your work situation in April 2021, when you answered
our first survey. Is your main job still the same as in April 2021 or has your job situation
changed since? [My job is the same as in April 2021, My job is not the same as in April
2021]

[If out of paid work] Think about your work situation in April 2021, when you an-
swered our first survey. Were you in work in April 2021? [Yes, No]

Expectations
Please think about the economic situation in the UK. How do you think the economy
will be doing in September 2021 compared to this month? [The economy will be doing
better in September than it is today, The economy will be doing about the same in
September as it is today, The economy will be doing worse in September than it is today]

Search behavior Have you done anything to look for a job since 1 April 2021?
[Yes, No, but I am planning to start looking for a new job before April 2022, No, and
I am not planning to start looking for a new job before April 2022]

How many job offers did you receive in each of the following months? Remember a
job offer is not necessarily a job that you accepted.

• April 2021
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• May 2021

• June 2021

• July 2021

Characteristics of offers - Questions repeated for best three offers
What was the monthly salary (before taxes) that you were offered?

Did you accept this offer? [Yes, No, Have not decided yet]

Reservation wage
Imagine you were offered a new job next month. What is the lowest monthly salary
(before taxes) you would be willing to accept?

Hypothetical scenarios
Imagine that over the next month you actively searched for jobs that paid a monthly
salary (before taxes) of about £[Reservation wage]. How likely is it that you would
be offered a job that paid around £[Reservation wage] within the next month if you
spent...[sliders 0-100]

• 5 hours per week searching

• 10 hours per week searching

• 15 hours per week searching

Now imagine that over the next month you actively searched for jobs that paid a
higher monthly salary (before taxes) of about £[Reservation wage x 1.2]. How likely is
it that you would be offered a job that paid around £[Reservation wage x 1.2] within
the next month if you spent...[sliders 0-100]

• 5 hours per week searching

• 10 hours per week searching

• 15 hours per week searching

Job characteristics - Same as in baseline survey
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